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Foreword

It was with great dismay that we learned of the death of our PhD student Janneke de Kort (VU
University Amsterdam). On May 22016, Janneke passed awayer being diagnosed with acute
leukemia the year beforelanneke was a highly motivated studeaityaysin the front rowat
courses surrounded by lots of highlighted papers and extra boSke was very social persoioo,
befriendingboth her fellow studentsand her lecturers.Janneke was an exceptional studleand we
will truly miss her shgp mind and sincerity

On April 26th, 2016hortly before his retiremenitOPS teacher Kees van Putten wasrdedKnight
in the Order of Oranje Nass#&mr his exceptional scientific meriis psychology. We cordially
congratulate Kees with this honorary award.

After the introduction of the IOPBest PosteAward in 2014, the IOPS Best Presentation Award for
the best student presentation at the IOPS conferences was bound to be established. The first two
PhD students to withis award were Dries Debeer (Summer 2016) doahs Haslbeck (Winter 2016).

Sacha Epskamp won the IOPS Best Paper Award 2016, with hisGeaprlized network
psychometricpublished inPsychometrika

We congratulate the seventeen students wiiefended their thesis successfully. With one project
left unfinished, the number of IOPS students in 2016 increased to 65.

On behalf of the IOPS board,

Rob Meijer
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1 Introduction

1.1 Background

The Interuniversity Graduate School of Psychometrics and Sociometrics (IOPS) is an institute for the
advanced dissertation training in psychometrics and sociometrics of PhD students in The Netherlands
and Belgium. Additionally, it coordinates highality research taking place in these fields, and its

staff members consist of internationally esteemed experts.

Since its inception in 1987, IOPS has become a cornerstone of the psychometric and sociometric
community in the Netherlands and Belgium, and it hastdbuted to the development of several
generations of psychometricians and sociometricians. It is commonly held that to be an active

member of the psychometric and sociometric academic community in the Netherlands and Belgium
means participating in IOP&)d PhD students working on topics related to psychometrics and
sociometrics are almost always encouraged by their supervisors to become a member of IOPS since it
is beneficial for the PhD student. Many former IOPS student members have become interihationa
renowned psychometricians and sociometricians, and many of these alumni continue to be affiliated
with IOPS and contribute by providing courses for IOPS students or acting as reviewers for research
proposals.

1.2 Role of IOPS (contrasted with local gr aduate schools)

Psychometrics and sociometrics are rather specialized topics. Therefore, IOPS fills an important role
in providing both a community for persons working on related research topics, and an educational
platform that is able to provide coursesynferences, and specialized support that PhD students
working on psychometrics and sociometrics would not be able to obtain at their own university. IOPS
does not replace the role of local graduate schools that exist at the university where the Phbtstude
works. IOPS aims to supplement the services provided by local graduate schools, it does not aim at
fulfilling the managerial role of those local graduate schools. That is, IOPS PhD students are still
expected to take part in their local graduate schoalsd to adhere to the rules that are specified by
these graduate schools. This also means that the supervision and management of participating PhD
students is still taken to be the responsibility of the university of the student, and is a role that is not
fulfilled by IOPS.

Thus, IOPS supplements the services of these local graduate schools in areas where these graduate
schools are unable to provide the students with services they need (i.e., specialized education on all
areas of psychometrics and sociomes$, and a social research platform where students and
researchers working on psychometrics and sociometrics can interact). This is a contribution that both
former and current IOPS PhD students evaluate positively, and that many see as an importaht part o
their professional development as psychometric or sociometric researchers. IOPS success and
importance as an inteuniversity graduate school is also reflected in the fact that in September 2013

it was awarded by NWO with a NWO Graduate Program gran¢hwitovided funding for four extra

IOPS PhD positions on various topics in psychometrics and sociometrics.
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1.3 Aims and activities of IOPS

The main aims of IOPS are to support the development of young researchers and the execution of
high-quality researchn psychometrics and sociometrics in the Netherlands and Belgium.

1.3.1 Activities
To achieve the aims mentioned above, IOPS undertakes the following activities:

A Providing multiple postgraduate courses on a variety of topics in psychometrics and
sociometrics, taught by subject matter experts at participating universities and institutions
(see Section 3.1).

A Providing PhD students with the opportunity of participating in the IOPS postgraduate
program, which consists of a coherent set of coursesiamewarded with the IOPS
certificate (see Section 3.3).

A Organizing biannual IOPS conferences at which both IOPS PhD students and international
experts can present their research.

A Providing a network for both PhD students and researchers in psychomeidcs a
sociometrics that facilitates interuniversity collaborations and informs its members of
relevant news in the field (e.g., conferences and job openings). This also improves the
transition of PhD students into relevant job positions after the PhD has templeted (see
Section 1.3.3).

A hFFSNAY3I adzLIL2 NI FNRY | &addRSyidaQ O2dzyOAf 2 NI )
their supervisor regarding the contents of the research that cannot be solved at the faculty.
Conflicts in the area of human resaes or confidential personal matters are to be solved by
GKS O2dzyaSt 2N 2F (KS addzRSydaQ FI Od#f Geo

1.3.2 Quality of PhD research
The quality of PhD research is ensured by:

A The admission procedure: review of the proposal and approval by the board (part 1.3)

A At least one of the supervisors is IOPS staff member, so the content quality of the research is
being monitored.

A The requirements for the IOPS certificate, including being a discussant twice and review of a
proposal twice (part 3.3)

A The research has to m®ncluded with an approved dissertation.

1.3.3 Connecting PhD students to the labour market

IOPS aims at optimizing the position of participating PhD students on the labour market after the
completion of their PhD. It does &y providing

A the IOPS certifiate, which communicates to future employers that the student has
successfully completed the IOPS PhD postgraduate program.

A a networking platform by means of the biannual conferences, which are also attended by
IOPS staff.
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A information (on the website andia emails) about relevant job openings.

Additionally, many stakeholders of psychometrics and sociometrics participate in IOPS, which means
that after participation in IOR®hD students have obtained important connections both in academic
and more appliedireas related to their expertise. The main participating institutes are Cito and
Statistics Netherlands (CBS).

1.4 Admittance to the IOPS postgraduate program

Any PhD student in the Netherlands and Belgium can apply for admittance to the IOPS pmygram,
conditionthat the following criteria are met:

puji
.

A ¢KS addzRSyid Aa Ay LkRraaSaaAirzy 2F | al adSNDna
psychometrics or sociometrics.

A He or she is registered as a PhD student at one of the universities in the Netherlands or
Belgium, or he or she has a supervisor that is a staff member of IOPS.

A The research that the student performs or will perform towards achieving the title of PhD
can be classified as being psychometric or sociometric research.

A The student has composed a easch proposal for evaluation by the IOPS board that shows
that the research is of sufficient quality.

A The student has composed a feasible educational plan that satisfies the criteria of the IOPS
program (see Section 3.3).

If a student believes that theswiteria can be met, he/she can submit an application to the secretary

2T Lht{®d ¢KA& FLILX AOFGA2Yy O2yairaida 2F (G(KS &adGdzRRSy
student will perform, and an educational plan that lists the IOPS courses thatutient plans to

follow and the period in which they will follow these courses.

I FGSNI NBOSAQGAY3I (KS aiddzRSydQa I LILX AOIFGA2YyS (GKAA
members and two PhD student IOPS members (all four selected sudhéiratesearch expertise
matches the topic of the proposed research and they are not involved in the project). These four
reviewers critically evaluate the entire proposal (via forms which you can find on the IOPS site).
Proposals accepted by NWO will pbe reviewed by two PhD students and judged genebsllihe

director. The reviewers provide feedback on both the research proposal and the educational plan.
These reviews are sent to the PhD student. On basis of the reviews, the student replies to the
comments by the reviewers and, if necessary, revises the proposal. Next, the revised proposal
together with the replies by the student is returned to the reviewers. On the basis of their

comments, the revised proposal, and the reply by the student, the waiie formulate a

recommendation to the IOPS board about whether the student should be admitted to IOPS based on
the proposal as it has been submitted. After this, the board reviews the application at the upcoming
board meeting, After discussing the propbaad the four reviews, the board members decide on
whether the student should be admitted to the IOPS program. After the board has reached its
decision, the secretary notifies the student and their main supervisor of the decision.
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More information abouthe requirements and review process can be found on the IOPS website:
http://www.iops.nl/students/becomingan-iops-student/guidelinesfor-applicantsappointedasphd-
student/

1.5 Affiliated student membership

If a student does not meet the requirediteria to be admitted to the IOPS postgraduate program, or
if a student does not intend on becoming a member of the program, a student can ask to be
registered as an affiliated student member of IOPS. As an affiliated student member, the option to
follow IOPS courses and attend the biannual IOPS conferences will be given. However, affiliated
student members do not receive the IOPS certificate after the completion of their PhD project. In
addition, as opposed to the regular IOPS PhD students, they dagatrpannual participation fee

but they pay for each course/conference separately
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2  Organization

2.1 History

The present interuniversity school for psychometrics and sociometrics (IOPS) goes back to a national
platform for collaboration in research and education active since the seventies, formalized in the
GbSRSNIIYyRaS {GAOKUGAY 3 @ peaiddPsyéhén@iicd, vrSaiishnshbdy 0 5 dzii O K
for ZWO, as NWO was then called). IOPS was officially founded as an institute for advanced

dissertation training on June 24th, 1987. IOPS then obtained a starting grant of the Ministry of

Education in 1987 for a ped of five years. The Royal Dutch Academy of Arts and Sciences (KNAW,

ECOS committee) officially reaccredited IOPS as an interuniversity graduate school in 1994, 1999, and
2004.

''yGAT wnnnzs GKS | yAGSNARAAGE 27T | YaaitdmRther g1 & O2YY
University of Leiden took over the responsibility. Since February 2014 the University of Groningen is
commissioner of IOPS.

In 2010, when the KNAW accreditation period ended, the Board of IOPS considered the changes in
the organization of P training in the Netherlands brought about by the policy change of the
Association of Universities in the Netherlands with the effect that all universities started developing
their own systems of local Graduate Schools. Because psychometrics and sdcoaretrelatively

small and highly specialized areas of expertise, it was clear that national collaboration would remain
of utmost importance for IOPS to stay on the fraadge of methodological research, and therefore

the Board decided to continue IOP&igities as a national platform of research and PhD training, but
now under a new, less formal construction. A new Agreement of Cooperation betiveen

participating faculties was drafted, and formally established in Z0the duration of four yearsin
adjustedAgreement of Cooperatiohas been established in 2015

2.2 Participating and cooperating institutes

The partners in the Agreement Cooperationare the academic groups of seven universit{®m

the Netherlands and Belgidmand the twonon-academic institutesre listed in the table belowThe
non-academic partners CBS and CITO have strong ties with several of the academic groups, and also
bring in PhD projects.

In 1994, the establishment of graduate schools and the rearrangementfbhstanbers, caused

IOPS to introduce a new category of staff for those winw formal reasons could not be a regular
IOPS staff membethe associatedstaff members working at cooperating institutesrhe

requirements for associated staff members &tentical to those of regular staff members. PhD
students of these associated staff members can be admitted to IOP Seateanal dissertation
student. he cooperating institutes have no representative in the board. Article 8 in the Agreement
provides theconditions under which associated research groups can become full participant.
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In the table belowall participatingand cooperatinginiversitiesandinstitutes, with the number of
student and staff members per academic group/institate listed
(Information as of 3112-2016)

Participating institutes

Name institute # students = # prospective | # staff
students

Leiden University, Faculty of Social and Behavioural Sciences

A Methodology and Statistics Unit, Institute of Psychology = 4 0 9

A Educatiorand Child Studies, Institute of Education 0 0 0

A statistical Science for the Life and Behavioral Sciences, = 4 0 1
Mathematical Institute

University of Amsterdam, Faculty of Social and Behavioural

Sciences

A Psychological Methods, Department®éychology 10 1 10

A Developmental Psychology, Department of Psychology = 2 0 4

A Work and Organizational Psychology, Department of 0 0 0
Psychology

A Methods and Statistics, Department of Developemnt and 0 1 7
Education

University of Groningen, Facultyf Behavioural and Social

Sciences

A Psychometrics and Statistics, Department of Psychology 3 0 6

A Theoretical Sociology, Department of Sociology 0 0 2

University of Twente, Faculty Behavioural, Management and

Social Science (BMS)

A Departmentof Research Methodology, Measurement and 4 1 5
Data Analysis (OMD)

Tilburg University, Tilburg School of Social and Behavioral

Sciences

A Methodology and Statistics 19 0 17
Utrecht University, Faculty of Social and Behavioural Sciences

A Methodology and Statistics 12 1 21

KU Leuven, University of Leuven, Belgium, Faculty of Psychol
and Educational Sciences

A Research Group of Quantitative Psychology and Individui 7 0 5
Differences

Statistics Netherlands (CBS), Den Haag 0 0 2

Psychometric Research Center (Cito), Arnhem 1 0 4

Cooperating institutes
University of Groningen, Faculty of Behavioural and Social

Sciences

A Department of Education 1 0 3
VU University Amsterdam, Faculty of Psychology and Educati

A Department of Clinical Psychology 0 0 1
A Department of Biological Psychology 0 0 1
Maastricht University, Fac. of Health, Medicine and Life Scien

& Fac. of Psychology & Neuroscience

A Department of Methodology and Statistics 0 0 5
A Department ofPsychiatry and Neuropsychology 1

Erasmus University Rotterdam
7
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A Department of Econometrics 0 0 1

A Department of Psychology, Education & Child Studies 1 0 5
Wageningen University

A Research Methodology Group 0 0 1

2.3 Board and office

The structure and organization of IOPS are formalized in artiebesf $he Agreement of
Cooperation. The most important units are the IOPS board and the secretarial office

ThegoverningBoardof IOPSonsists of seven members delegated by garticipating universities
andtwo representatives ofhe participatingresearch institutesBoard meetings are also attended by
two representatives of the IOPS PhD studeafgpointed by the IOPS PhD students for a period of
two years The boarchas theultimate responsibility with regard to the research programme,
educational programme, and finances.

The institute director is also chairman, he/she Is elected from the representatives of the seven
participating universities

The Board delegates daily matters to its Chair runs the Secretarial Officand communicates its
policies and decisions in a general meeting of scientific staff and students twice. a year

Members IOPS Board

There were no changes in the IOPS Board®ir62

On 31 December 2@1the Board consisted of:

A Prof.R.R(Rob)Meijer, Chair, Universitgf Groningen

Prof.D. (Denny)Borsboom, University of Amsterdam
Prof.M.J.(Mark)de Rooij, Leiden University

Dr G.J.AJeanrPaul)Fox, Universitpf Twente
DrJ.M.(Jelte)Wichets, Tilburg University
Prof.H.J.A(Herbert)Hoijtink, Utrecht University

Prof. F(Francis)uerlinckx, KU Leuven, University of Leuven
DrA.A.(Anton)BéguirProf. G.K.J(Gunter)Maris, CITO (National Institute for Educational
Measuement)

Prof. AG.(Ton) de WaalCBS (Statistics Netherlands)

> > > D> >

p>

PhD representative s

Paulette FlorgTilburgUniversity) was appointed first representativafter being assistant
representative in 204.
Eva ZijlmangTilburg Universityyvas appointed assistant PhD student representative

Office

The Chair of the Board runs the Secretarial Office, and is supported by an Executive Secretary. The
RUGbased office is responsible for the preparation and execution of IOPS policies, actiniies,

Annual Reports. The Executive Secretary assists the Chair and the Board, and runs the IOPS website,
the student administratiorand manages the digital archivBhe also assists the local groups in the

8
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organization of conferences and courses. Sinceueh ', 2014, the Executive Secretary of IOPS is
Drs. Edith Ruisch. Finances are handled by the Financial Department (FSSC) of the University of
Groningen

Secretary: Drs. Edith Ruischle Vries

E-Mail: secretariaat.iops@rug.nl
Web: www.iops.nl

Phone: 050 3636 367

Address: University of Groningen

Faculty of Social and Behavioral Sciences
Grote Kruisstraat 2/1
9712 TS Groningeiihe Netherlands

2.4 Cooperation with Related Master programmes

All academic bard members are in direct contact withe directors of the related Master
programmes. Although there are six different locally organized Master programmes, there is close
collaboration with the programme directors and a considerable degree of coordination between
them. The reason is that thadulty members who are charged with teaching responsibilities in the
IOPS PhD programme also occupy central roles in education and management of the local Master
programmes. In several cases, there is even a personal union between IOPS scientific dtefifsmem
and directors of Master programmes. Generally, collegial ties are flexible, but directors of Master
programmes take binding decisions with respect to the Master phase, and the IOPS Board takes
binding decisions with respect to the PhD education a@iwiOPS has to offer. In practice,
cooperation is very smooth.

2.5 Board &plenary meetings

In 2016 board meetings were held on 9 June an®é&8&emberand a Spring and Autumn session by
email

Plenary meetings for all IOPS members (staff anddind®nts) are held twice a year during the IOPS
conferences. In 2@ltwo plenay meetings took place, one on 9 June, and one on 15 December.

2.6 Archive
The IOPS archives the following:

A Registration of new PhD studenfaanmelddossier)
- research plan, edwation plan and registration form
- reviews, response to the reviews and the recommendation of the reviewers
A The transition of number of PhD students
- new studentsiqstroom)
- leaving studentsujtloop), both due to completing their PhD and dropping ,out
A Courses
-UKS 3INYRSa FT2NJIff GKS aiddzRSyda Ay GKI G
- evaluations of the courses
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(Note: IOPS gives instructions to the teachers how and when to do this and checks whether
the grades and evaluations are received.)

All data are archived BNB Yy Ay ISy 2y GKS f20Ff @g2NJaLl OS |, kal

10
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3  The IOPS post graduate programme

The I0OPS posgjraduate programme consists of the educational programme and the research training
programme. After succesfully completing the pgsaduate programme, i IOPS PhD canidate will
receive the IOPS certificate.

3.1 Educational programme

3.1.1 IOPS curriculum

During the period as an IOPS PhD student, the student needs to participate in the IOPS curriculum.

Every participating university organizes at least ooerse. These courses include two mandatory
O2dz2NAES& 6da2 KIF ( A StatisiaabConsaitivigsta Béhaddiat Scienfisks & y R Y dzf G A LI
elective courses. All courses are free for IOPS students (it is included in the annual contribution fee).
Coures are open for nohOPS members, but IOR&mMbers have priority. An overview of the IOPS

curriculum can be founah the table belowand on the IOPS website.

Month Course University EC Even years Odd years
January Generalized latent variable
modeling TU 1 HAMT Z
January Statistical Learning LU 2 HAMY X 2017 only
February What is Psychometrics? UA 2 HAMCZ HAMT Z
Statisti@al Consulting to
March Behavioral Scientists UA& LU 3 HAMY X HAMT X
April Meta-analysis UM 1 HAMC X
Transparency in Science UG 1 HAMT X
May Applied Bayesian Statistics | UU 2 HAMCZ HAMT Z
June
July
August
September | Survey Design uu 2 HAMC X HAMT X
Bayesian Item Response
October Modelling uT 2 HAMC X
Optimization & Numerical
November | Methods UL 2 HAMC X HAMT X
December

Note. UA: University of Amsterdam; UM: University of Maastricht; UU: Utrecht University; UT: University of
Twente; UL: University of Leuven; Tiburg University; UG: University of Groningdd:Leiden University.

3.1.2 Coursesin 2016

In 2016 six coursesof the IOPS curriculum were organized:

1. What is Psychometrics@mandatory)
University of Amsterdan® ¢ 11 February 2016
Coordinator: ProfD. Borsboom

2. Applied Bayesian Statistiqglective
Utrecht University 18- 22 April 2016

11
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Course leader: Dr N. Schuurman
Lecturers: Prof. H. Hoijtink, Dr I. Klugkist, Dr R. Van der Schoot, Kr E. Hamaker
3. Meta-analysis(elective)
MaastrichtUniversity 27¢ 29 June 2016
Instructor. Dr W. Viechtbauer
4. Survey Desigfielective)
Utrecht University 26¢ 29 September 2016
Lectures: Dr P. Lugtig & Dr V. Toepoel
5. Bayesian Item Response Modeling
University of Twente24¢ 25 November 2016
Lecturer: Prof. G.J.A. Fox
6. Optimization & Numerical Methods in Statistiggelective
KUUniversity ofLeuven, 17 - 18 Novenber 2016
Instructors: G. Molenberghsk. Tuerlinckx, Kvan Deun& T. Wilderjans

3.1.3 Number of IOPS s tudents per course

In the table below the numberof IOPS students that participated in IOPS couisdke period
2013- 2016arestated

IOPS Course 2013 @ 2014 @ 2015 2016
Generalized latent variable modeliigiU) 20

What is psychometrics? (UvA) 10 24 20
Advising on research methods (UvA) n.a. 14

Applied Bayesian Statistics (UU) n.a. 10 5 ??
Optimization &umericalMethods in &atistics,(KU L) 13 6 22 18
Meta-Analysis (UM) 5 7
Analysis of Measurement Instruments (UT) 6
SurveyDesign(UU) 8

Bayesian Item Response Modeling 9

3.1.4 Examination

Courses differ in the requirements that need to be met to receive the course credit (EC): essay
exams, multiplechoice exams, assignments, computer practical, and individual presentaions are
being used.

3.1.5 Course evaluation

All individual ourses are evaluated by evaluation forms that are administered to the participants at
the end of every course. The results of these evaluations are discussed at the board meeting. Two
IOPS representative PhD students also attend this mesting

12
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3.2 Research training program  me

The researciHraining program consists of reviewing research proposals of fellow students and the
participation in IOPS conferences.

3.2.1 Peer review

With the exeption of PhD projects funded Wa&V/Q FWO and ERC, which aegiewed by two PhD
students only, achnew proposal submitted to the IORSreviewed bywo IOPS PhD students and
two IOPStaff members.This implies that every student has to review a proposal twhegticipating
in the IOPS review process is intendednake the IOPS PhD student acquainted with the peer
review process.

3.2.2 Conferences : aims and programme
The conferences anatended for the IOPS PhD students to

A practicein presening his/her research(posterandoral presentatiofin a corfierence séing
practice in having public discussiafter a conference presentation

get feedback omis/herresearchfrom experts in the field
develop a social network
get to know the field of psychometrics and sociometrics in a broader perspective.

> > > >

ThelOPS biannual conferenstakes placen June and Decembandare organized by the
participating universitiefn turns. Each confereng@ogrammeconsists of the following elements:

A student poster presentations

student oral presentations

presentation by IOPS staff members

presentation by an internationaixpert outside IOPS (optional)
conferencedinner

> > > >

Awards at the conferences:

A Ateach conferencea priz is awarded to the best student presentation and the best student
poster.The Board has established these prizes to emphasize the importance of the
presentations at the conferences.

A Once a yeamt the summerconference, a prizis awardedor the best singlaesearcharticle
by an IOP$hD studenthat has beerpublished or accepted for publication in tpeevious
year. Papers innternationallypeerreviewed journals will be given more weight than
chapters in booksThe award isponsored by thé&oundation for the Advancement of Data
Theory

3.2.3 Conferences in 2016

A 318 10PS Summer Conferencg and 10 June 2016, University of Twente.
See appendix 2 for the programme.
13
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A 26" IOPS Winter Conferengd5 and 16 December 2016, University of Groningen
See appendix 3 for the programme.

3.3 IOPS certificate

A student is eligible for the IOPS certificate whlemresearch project is completeghd he/shehave
met the requirements of the IOPS pagtaduate programme.

Educational requirements
The PhD studerghould complete

A GKS G¢2 YIYyRIFIG2NE O2d2NESa o0aG2KIFG Aa LIAEOK2YSI
are 5 EC in total. Exemption for these courses can be granted in case an equivalent course
has been completed earlier.

A elective IOPS courses up to aage5 EC (exemption is not possible).

Research requirements
All students are required to

review two research proposats fellow students

attend at least four IOPS conferences

present twice at an IOPS conference: a poster at the start of the projecraodal
presentation at theend of the project

have been discussaat an IOPS conferentwice.

> > >

>

14
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4  Students and their projects

4.1 Introduction

Applicants for the IOPS dissertation training must have a Master's degree in one of the following
discigines. Behavioral Sciences, Technical Sciences, Mathematics or Econometrics. They are
appointed as PhD student, or as an indirectly financed PhD student. PhD students withemd OPS
financed by internal research funds of the participating institutes, NW&herlands Foundation of
Scientific Research) or European funding, or other external funds of third parties.

4.2 Admissions, deregistrations and dissertations

2011 2012 2013 2014 2015 2016

Student admissions 15 22 18 14 21 20
Prematurederegistrations 2 0 0 2 2 1
Dissertations 9 17 7 12 11 17

Projects that exceeded the project time
limit on 31 December

Sudentson 31 December 48 53 61 60 62 65

4 3 4 5 11 8

Dissertationsin 2016

1. MariaBolsinova(Utrecht University} Simple Models &omplex Reality: Contributions to
item response theory in educational measurement

2. LauraBringmann(KU University of LeuvenpPynamical Networks in Psychology: More than a
pretty picture?

3. Sebastiaabe KlerkECABO)Multi-Media Based Performandesessment in Dutch
Vocational Education

4. DriesDebeer(KU University of Leuven)tem-position effects and missing responses in large
scale assessments: Models and applications

5. LisaDoove(KU University of Leuven)reebased methodologies for the detemt of
treatment-subgroup interactions and the estimation of optimal treatment regimes in
randomized controlled trials

6. Marije Fagginger AuefLeiden University) Solving multiplication and division problems:
Latent variable modeling of students' solutisinategies and performance

7. Susannderritse(Utrecht University} An application of population size estimation to official
statistics. Sensitivity of model assumptions and the effect of implied coverage

8. XinGu(Utrecht University} Bayesian Evaluation dfiformative Hypothesis

9. JokeHeylen(KU University of LeuvenModeling variability in time profiles: Teasing apart
amplitude and shape

15
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10. Ruslanlabrayilov(Tilburg University) Improving Individual Change Assessment in Clinical,
Medical and HealPsychology

11. JoranJongerling(Utrecht University} There and back again: Studying intedividual
differences in intrandividual variability

12. TanjaKrone(University of Groningen)Some Notes on Bayesian Time Series Analysis in
Psychology

13. JurianMeijering (Wageningen University)Probing the Power of Apollo: Methodological
Challenges and Opportunities of the Delphi Method for Developing Rankings

14. CameliaMinica (VU Amsterdam) FamilyBased Genetic Association Analysis: Methods and
Applications to Addiath Phenotypes

15. PieterOosterwijk ( Tilburg University) Statistical properties and practical use of classical
test-score reliability methods

16. NoémiSchuurmanUtrecht University} Multilevel Autoregressive Modeling in Psychology:
Snags and Solutions

17. IngaSchwabegUniversity of Twente) Nature, Nurture and Item Response Thepsy
Psychometric Approach to Behaviour Genetics

New projectsin 2016

1. Hilde Augusteijn(Tilburg University) Getting it right with metaanalysis: Assessing
heterogeneity and moderat effects in the presence of publication bias adthpking

2. Tessalanken(University of Amsterdam)From heterogeneous insomnia to homogeneous
subtypes; and beyond: how do different subtypes of insomnia relate to-{fiostset
depression?

3. NadjaBodner(KU Leuver)Boolean Networks

4. VincentBuurman(Leiden University) PCA with Optimal Scaling and Regularization

5. DanielaCrisan(University of Groningen)Practical Implications of the Mist of Item Response
TheoryModels

6. AlexandraDe Raad{Univerdty of Goningen)- Properties of Coh@kappa

7. JeffreyDurieux(Leiden University) Clusterwise Independent Component Analysis for multi
subject (restingstate) fMRI data

8. Zhenggudsu(Tilburg University) Monitoring Individual Change in Mental Health Care and
Education

9. SofiaGvaladzgKU Leuven)Capturing timevarying multivariate dynamics through principal
component analysis based methods

10. Adelalsvoranu(University of Amsterdam)Psychosis: Towards giamical Systems
Approach

11. JolandaKossakowsk{University of Amsterdam)The PsychoGraph: Developing a
Seismograph for Psychology

12. TimLoossengKU Leuven) Statistical modelling of emotion dynamics

13. SanneSmid(Utrecht University} The use of expert daia Bayesian Latent Growth Curve
Models with a distal outcome

14. PiaTio (Tilburg University) SPANC: Simultaneous Principal and Network Components model
for integration of multisource data
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16.
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18.
19.
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NikkyVan BuurenUniversity of Twente/Cito)Bayesian Networks @Personalized
Learning Recommendations

DaanVan Renswoudé€University of Amsterdant)GazePatterns Tell the Tale: A Model
Based Approach to Fr&xene Viewing in Infancy

DucoVeen(Utrecht University} Elicitation of expert information: Modelling lategtowth
models with prior expert information and evaluating predictions
LiekeVoncken(University of Groningen)Norming Methods for Psychological Tests
Iris Yocarini(Erasmus University Rotterdarifpsychometric evaluation of combining tests in
a highereducation context

BeibeiYuan(Leiden University)¢ K Smachine: A new competitive and interpretable
classifier based on dissimilarities

Projects in progress beyontthe project time limit

On December 312016, he projects of the following PhD studeraee still in progress, but have
exceeded the project time limit. Therefore, these projects are no longer mentioned iistioé
projects

1.
2.
3.

8.

Sacha&pskampUniversity of Amsterdam)Network psychometrics

RobertHillen (Tilburg Universityj Latentcategories versus latent dimensions
HannahOosterhuis(Tilburg University) Improving norms for psychological and educational
tests

SilviaRietdijk (Utrecht University} Time for a change: Studying individual differences in

dynamics

FlorianSensgUniversity of Groningen)Bayesian inferential methods for stati@ce plots
Claudiavan Borkulo(University of Amsterdam & Medical University Center Gronijgén
network approach to mood disorders

Mathilde Verdam(University of Amsterdam)Using Structural Equation Modeling to detect
measurement bias in patiemeported qualityof-life outcomes to improve their interpretation
MarliesVervloet (KU LeuveryModel construction in (multilevel) regression analysis

Projects left unfinished

May 25" 2016, Janneke de Kort passed away after being diagnosed with acute leukemia the year
before.Janneke was a PhD student at VU University Amstertiamproject was entitledDo our

genes pave our way? Modeling-G&variance, GXE interaction and modeiGEcovariance in
longitudinal twinmodels
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4.2 Dissertations

Maria Bolsinova
Simple Models & Complex Reality: Contributions to item response theory in educational
measurement

13 May 2016

Methods & Statistics, Faculty of Social Sciences, Uttdoversity
Supervisors: Prof. H. Hoijtink, Prof. G.K.M. Maris

Financed by Utrecht University

15 September 20111 September 2015

Summaryof thesis

In educational measurement, data obtained using educational tests are gathetbdor practical and
scientific purposes, for example for individual assessmend study the effects of educational policies.
While these data often hava very complex structure, we try to capture their most important aspects wit
relatively simple models. The reason iatlstatistical models are needed to maikderences about the
unobservable constructs of interest (e.g., reading ability, for&agguage proficiency, and arithmetic ability
on the basis of observed tedata. The dissertation presents various contribag to item response theory
in educationameasurement which in one way or another search for an optimal balbateeen simple
models and complex reality. The dissertation consists of two pBeg:| presents contributions to modeling
response time andccuracy and Part presents Bayesian contributions to IRT.

Laura Bringmann
Dynamical Networks in Psychology: More than a pretty picture?

7 October2016

Quantitative Psychology and Individual Differences, Faculty of Psychology arati&iutai
Sciences, KU Leuven

Supervisors: Prof. F. Tuerlinckx, Prof. D. Borsboom

Financed by KU Leuven

1 October 2011 1 October 2015

Summary of thesis

In this thesis, we provide different perspectives on dynamical networks in psychology. The main techn
usedhere to infer networks is the multilevel vector autoregressive (VAR) model. In a VAR model, the
structure of the timedependency within and between variables is explicitly modeled through a set of
regression equations. Using a multilevel extension of a Médke! allows one to study the dynamics both
within an individual as well as at group level.

The multilevel VAR model is further introduced in Chapter 2. In this study, longitudinal emotion data fr
individuals with residual depressive symptoms werengixeed. Besides visualization of the inferred
networks, we also show how network structures can be further studied with network analyses, such as
centrality techniques.

Chapter 3 focuses on individual networks estimated with a multilevel VAR modek khdpter, the main
goal is to study connectivityf individual emotion networks and their relation teeuroticism. The results
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suggest that individuals with high levels of neuroticism have a denser emotion network compared with
less neurotic peers.

In Chapter 4, we estimate the network of symptalynamics that characterizes the Beck Depression
Inventoryll (BDIIl), based on repeated administrations of the questionnaire to a group of depressed
individuals who participated in a treatment study. Sirtbe BDIll symptoms decreased during treatment,
the means changed, indicating changing dynamics. To account for this change in dynamics a linear tr
includedin the multilevel VAR model. Beyond visualization, we conslereeral network analyses, cduas
centrality and cluster analyses.

Chapter 5 lays the foundation for studying tirdarying networks in psychology. Networks are likely to
change over time, due to for example therapy (see Chapter 4). Up until now there has been no easy v
detect changing dynamics. With a time varyingaaegressive (TMR) model, changes in means and
temporal dynamics can be easily identified and modeled, and therefore the model has significant pote
for studying changing dynamics in psychology.

Chapter 6 concerns psychological networks based on fMRI data. We use a new data driven technique
ancestral graphs (AGs), and compare it with a standard hypothesis driven method, Structural Equatior
Modeling (SEM). In contrast to VAR models, network aigilydoth SEM and AG is based on the replicat
of the conditionspecific trials and not on timdependencies in time series data. As AGs can test explicit
the assumption of missing regions (nodes) in the network, it leads in general to more acceirstekn
structures than the SEM method. Although currently mainly used in fMRI research, AGs could also be
promising solution for estimating networks in other fields of psychology, such as emotion research.

In Chapter 7, a more general theoretical geective on psychological science is taken. Network techniqu
are highly interdisciplinary and analyses done in physics seem to translate to other fields, such as soc
psychological science. Still, in measurement debates, physical measurement ésdargely disconnected
from psychological measurement. We argue instead that there are interesting parallels and connectiol
between the two. In the last chapter, the discussion, a critical examination of the general topic of the tl
is presented, ulmately answering the question: Dynamical networks in psychologyre than a pretty
picture?

Sebastiaan de Klerk
Multi -Media Based Performance Assessment in Dutch Vocational Education

15 January 2016

Univetrsity of Twente / Kenniscentrum ECABO, Efcaminering
Supervisor: Prof. T.J.H.M. Eggen

1 December 20121 December 2015

Summary of thesis

In this PhD thesis, a new method of assessment, which we have called Multibeesgid Performance
Assessment (MBPA) is presented and studied in the context of Dutch vocational education. An MBPA
assessment that incorporates multiple types of multirisednd is used to assess the skills that are usually
measured through Performandeased Assessment (PBA). The goal of the research presented in this th
gla (2 Ay@SadAaarasS ¢KSGKSNIa.t! A& F  Y2NEaSmeT
traditional PBA or not. Both qualitative and quantitative evidence is presented to substantiate the use
MBPA in Dutch vocational education. The qualitative research consists of literature study on the
measurement structure of PBA (i.e., measuent error), and the current state of research on the use of
MBPA in educational measurement (Chapters 1 to 3). Furthermore, a framework for design and
development of MBPA was built and presented (Chapter 4). The quantitative research consists of two
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validity study has been carried out to investigate to what extent the MBPA can be used to measure sk
are required to perform a specific vocation (confirsghce guard), and that are currently being measurec
through a PBA (Chapter 5). A psychometric study was used to study the possibilities of measurement
same skills in a more complex and interactive compbsed environment. That is, this MBPA megded
Y2NB 2Ff A1 90 ¥8YLIzi SN SYPANRBYYSyYyld Ay 6KAOK ai
Finally, in the Epilogue, the presented research is discussed in a widext{@hapter 7).

Dries Debeer
Item-position effects and missingesponses in largascale assessments: Models and applicatior

11 October 2016

Quantitative Psychology and Individual Differences, Faculty of Psychology acatiéiokai
Sciences, KU Leuven,

Supervisor: Prof. R. Janssen

Financed by KU Leuven

1 October2010- 1 October 2016

Summaryof thesis

Psychological and educational assessments commonly consist of multiple items thah\atably
administered in a spefti item order. Hence, edtcts related to the sequential orderirgg items (i.e., item
position efiects) may arise. Typical exalep of reported iterposition effectsare a change in the ddtilty of
items in aptitude tests (i.eso-called fatigue or practice eftts)and an increase in the consistency of the
responsesn attitude and personality questionnairése., the secalled Socratic eftct). Further, the serial
ordering of items also plays a rolegkipping items and dropping out before the end of the assessment, |
of which are observeth largescale educabnal assessments.

Common psychometric models assume that only properties of the test taker and thedetribute to the
item response, and that these properties are invariant with respect tgpibstion in which the item is
administered.This dissertabn focuses on effcts of the sequentiadrdering of items and how these effts
can be investigated and modeled using Item Respdims®ry (IRT). Models are proposed, evaluated and
applied to empirical datd

Full text, sedttp://www.iops.nl/concludediops-projects/debeerdries/

Lisa Doove
Treebased methodologies for the detection of treatmesubgroup interactions and the
estimation of optimal treatment regimes in randomized controlled trials

30 September 2016

Faculty of Psychology and EducatioBeiences, Quantitative Psychology and Individual
Differences, KU Leuven

Supervisors: Prof. I. Van Mechelen, Dr E. Dusseldorp & Dr K. Van Deun

Financed by KU Leuven

1 October 2012 1 October 2016

Summaryof thesis

For many medical and psychological problems, multiple treatment alternatives are available. An obvio
question in such cases pertains to whether there is one globally best treatment alternative for the full
population of clients under study, or whetherdlbest treatment alternative varies oveubgroups of clients
that can be characterized terms of pretreatment characteristicd=ormally speaking, the best treatment
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alternativevarying over subgroups of clients mayreéerredto as a qualitative treahent-subgroup
interaction, that isjn the case ofwo treatment alternatives A and B, anteraction that implies thafor
some subgroups of clienteeatment A outperforms treatment B, whereas for other subgroups the revers
holds true. The detection afuch interactions implies a clear need for the development efalted
treatment regimes, that is, decision rulésat assign tceachclient a treatment alternative, out of the set

of available treatmentlternatives, based on his/her observed characterts The optimal treatmentegime
then isthe one leading to the greatest expected outcome in fopulation under study.

For the detection of treatmensubgroup interactions and the estimation gtimal treatment regimes
suitable statistical methods ameeded. This is especially troublesome if the relevant subgroups of clien
areunknown and are to be learnddom the data.Recentlya promising class of treleased methods has
been proposed for this purposelnfortunately, however, this family of metlis also goes with quite faw
challenges. In this doctoral dissertation, wél address five of thesinfive consecutive chapters.

Marije Fagginger Auer
Solving multiplication and division problems: Latent variable modeling of students' solution

strategies and performance

15 June 2016

Methodology and Statistics Unit, Institute of Psychology, Faculty of Social and Behavic
Sciences, Leiden University

Supervisor: Dr C.M. van Putten, Dr M. Hickendorff, Prof. W.J. Heiser & Prof. A. Béguir
Financed by NWO, PROO grant

1 September 20111 September 2015

Summary of thesis

National larged O £ S | aaSaavYSyda KIFI@S RSY2yadaNr GSR | R
performance on multidigit multiplication and division problems (e.g., 56#8544+34) in the past two
RSOFRS&ad ¢KAa LISNF2NXYIyOS RSONBFasS | LIISIFNRER G2
strategies: the use of relatively accurate strategies for which calculations are written down decreased,
the use of inacarate mental strategies increased. This leads to the question of what factors influence
d0dzRSyaQ &GN GS3é& dzAS 'yR LISNF2NXIFyOSs FyR i
two approaches: secondary analyses of lasgale assessent data using latent variable models and
experiments in schools. With the largeO £ S | daSaavYSyid RIGFEZ NBfFGA
AyaiaNdzOGAz2y YR aidzZRSydaQ adGNIG§S3eé dzasS FyR LIS
andysis (MLCA) and LASSO penalized explanatory item response theory (IRT). With experiments in s
was investigated whether requiring students to write down calculations actually improves their
performance, whether additional instruction in writiiy2 6y OF f Odzf F A2y & LR A&AI
AGN)I GS3e dzAaS YR LISNF2NXIyOSs YR gKSGKSNI aidz
involve one mathematical operation (as is common in experiments) versus tasks in which multiple
operationsare mixed together (as is common in assessments and educational pyactice

Susanna Gerritse
An application of population size estimation to official statistics. Sensitivity of model
assumptions and the effect of implied coverage

8 July 2016

Methods &Statistics, Faculty of Social Sciences, Utrecht University
SupervisorsProf. P.G.M. Van der Heijden & Prof. B.F.M. Bakker
Financed bytrecht University / Statistics Netherlands (CBS)
15January 201215 January 2016
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Summary of thesis

Official Statistics bureaus are periodically asked to give an estimate of their country's population, whict
be defined by the number of usual residents. A person is considered a usual resident when they have
the Netherlands for longer than a year, bthiey have the intention to reside for longer than a year. For tt
Dutch Census, Statistics Netherlands makes use of the Population Register (PR). However, for numel
reasons, immigrants that have taken residence in the Netherlands may not registeeaanhe
undocumented immigrants. Thus, the PR alone is not sufficient to estimate the number of usual reside
and has an undercoverage considering the number of Dutch usual residents. One commonly used me
estimate population sizes is the capturecapture methodology. First the PR is linked to two other registe
Then capturerecapture methodology using a covariate that denotes residence duration can be used to
estimate the number of usual residents missed by all three registers. However, fealidause of capture
recapture methodology, a set of assumptions has to be met. Additionally, practical issues such as mis
data may occur. Such practical issue have to be resolved before one can estimate the number of Dutc
residents via captureecapture methodology. For that purpose there are two central questions answere
this thesis: 1) what is the effect of violated assumptions and missing data on the robustness of popula
size estimation via captusecapture methodology, and 2) howrtahe information gained in 1) be used to
achieve a trustworthy estimate of the under coverage of usual residents in the Population Register in 1
Netherlands? To answer the first question in this thesis, research has been conducted into the robustr
population size estimation via capturecapture methodology when the following assumptions are violat:
1) independence of the inclusion probabilities of the registers, 2) no erroneous captures in the register
3) perfect linkage of the units in ¢hused registers. For the independence assumption, this research alsc
investigated the robustness for independence conditional on fully and partially observed covariates.
Additionally research has been conducted into the effect missing data have on tlagiop size
estimation, and most notably how different methods of handling missing data differ in their effect on th
resulting population size estimate. It has been found that implied coverage of one register, given the o
register is important tot hextent that violated assumptions will bias the population size estimation. Imp
coverage plays an important role in this thesis given that it cannot be ascertained from the data wheth
assumptions are violated, but implied coverage can. The resuttsraal in answering the first question
have been used to conduct research into the undercoverage of the PR of the Netherlands. It is conclu
that for reference date september 2010, the PR has an undercoverage of 0,Btousual residents.

Xin Gu
Bayesan Evaluation of Informative Hypothesis

3 June 2016

Methods & Statistics, Faculty of Social Sciences, Utrecht University
Supervisor: Prof. H. Hoijtink

Financed by CSC (China Scholarship Council)

5 December 20115 December 2015

Projectdescription

Null hypothesis significance testing is by far the dominant research tool for the evaluation of empirical
collected by experiments and observational studies in areas such as the behavioral and social science
biology, epidemiology and medicine. Thisurprising because null hypothesis significance testing has
strongly been criticized (see, for example, Cohen (1994), Royall (1997) and Wagenmakers (2007)). O
reasons is probably that researchers tend to stick to the methods they have alweysHmswever, another
reason may very well be that there are no attractive alternatives.

Bayesian evaluation of informative hypotheses provides an attractive alternative. This approach no lot
requires researchers to focus on the null hypothesis. It altdvem to focus on the theory or expectation
GKSe N3 AYGSNBAGSR Ay FYyR (2 FyasSN (KS 1| dzsSa
Applied researchers start to discover the existence of informative hypotheses and the first pubtidation
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which they are used have appeared. The PhD project proposed will substantially increase the class of
statistical models for which informative hypotheses can be evaluated. It will therefore contribute to the
construction of a toolkit that will enableesearchers to straightforwardly evaluate their
theories/expectations.

Furthermore, this project will address statistical issues related to the evaluation of informative hypothe
that are in need of further research: how to evaluate informative hypothdésaaulated using equality
constraints; and, how to move beyond the multivariate normal linear model. It will therefore also contri
to the further development of statistical theory.

Joke Heylen
Modeling variability in time profiles: Teasing apart amiplde and shape

17 March 2016

Methodology of Educational Research, Fac. of Psychology & Educational Sciences, K
Leuven

Supervisors: Dr E. Ceulemans & Prof. I. Van Mechelen

Financed by KU Leuven

1 October 2011 1 October 2015

Project description

Nowadays, many research questions imply studying ties®lved data. For example, the time dynamics o
emotions is a hot topic; hence, one recently has started gathering data on the intensity of different em:
components (e.g., appraisals, physiologfeakures, subjective experience) at several time points during
emotion episode. Given these datd,is important to capture thedifferent shapes that the time profiles
YIe GF1S YR K2¢g (KSaS akKl LJSa RSLISghRonahgtygelodi a 2
emotion component under examination. The latter implies two major methodological challenges.

First, we need to find out which method is best suited to gain insight into these shapes. Two classic
strategies are functional component ansiy (based on dimension reduction) and clustering approaches
(implying categorical reduction of the time profiles). Since both strategies have some drawbacks, we il
to develop extensions that combine the attractive features of both.

Second, a proper $ation to the problem of time alignment is required, which pertains to differences in <
and to stretching or contracting of the time axis. Although some functional models have been develops
deal with alignment issues (e.g., shifted and warped faatwlysis), these methods have to be extended 1
deal with the inherent multilevel structure of the data under study.

Therefore, the goal of this project is to build new clustering and dimension reduction models for multile
time-resolved emotion datahat allow for shifting and/or warping, and to develop algorithms and model
selection procedures for fitting these models to empirical data.

Ruslan Jabrayilov
Improving Individual Change Assessment in Clinical, Medical and Healt Psychology

4 April 2016

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
Supervisors: Dr W.H.M. Emons, Prof. K. Sijtsma & Dr F.B. Tekle

Financed by NWO, Open Competition grant

1 December 2011 1 December 2016

Project description
In clinical therapy and medical treatment, psychological effects of treatment at the individual level are
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assessed using psychological tests and questionnaires. The difference between the scores before ant
treatment is interpreted as the result éfeatment, and forms the basis for deciding whether the patient c
be declared cured or needs psychological counceling. Current methods for indicidaradie assessment
rest on classical tst theory and suffer from important flaws. This project investig@m response theory
methods that fixes these problem, and provides recommendations on the psychometric requirements
tests for assessing statisical and clinical significant changes in individual patients.

Joran Jongerling
There and back agairStudying interindividual differences in intrandividual variability

9 December 2016

Methods & Statistics, Faculty of Social Sciences, Utrecht University
Supervisors: Prof. H. Hoijtink & Dr E. Hamaker

Financed by Utrecht University

1 September 20091 April 2015

Project description

If one realizes how the meaning of the autoregressive and deagged regression parameters changes on
the model is combined with the LGC model, a natural next step is to include these parameters as ranc
rather thancommon effects. Doing so would allow individuals to differ with respect to their inertia, and
would allow the influence of one variable on the other to be different across people. However, there ar
number of problems associated with including autaesgsive and crosiegged regression parameters as
random effects in the model. The current PhD project is focused on developing a random effects extel
of the bivariate ALT model and tackling some important problems associated with this extension. This
random effects extension of the bivariate ALT model will provide us with a much richer picture of
psychological processes as they unfold over time. Moreover, it will allow us to investigate moderation
effects in these longitudinal models. For instanceyéfhave observed the affect of two spouses (bivariate
longitudinal data), we may find that the effect of one spouse on the other, represented by thelagossd
regression, depends on personality characteristics such as Agreeableness and Neuroticidso, bt
relationship quality. This would imply that the influence of one partner on the other is moderated by
personality and relationship features.

Tanja Krone
Some Notes on Bayesian Time Series Analysis in Psychology

22 September 2016

Psychometrie &tatistiek, Fac. BSS, University of Groningen
Supervisors: Prof. R.R. Meijer & Dr M.E. Timmerman
Financed by NWO, Research Talent grant

1 July 2012 1 March 2016

Project description

The use of research designs with intensive measurements acrosatinmelividual subjects is becoming
increasingly popular in psychological research. Such designs are necessary to achieve insight into the
extremely complex phenomena of human behaviour like emotions (Scherer, 2009) and psychopatholc
(Frank et al., 2005)This complexity finds expression in behaviour fluctuating across time. Since those
fluctuations depend on contextual and interindividual differences, understanding the underlying dynarr
extremely challenging. With this challenge, statistical timgeseanalysis can be of great help. In general,
analysis of time series data serves either or both of the two main purposes:
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(i) to study the time series itself to gain insight into the processes underlying the data;

(ii) to forecast, that is, to usebserved data to predict unobserved future data.

When studying the time series, random noise is separated from systematic patterns in the data (e.g., |
al., 1994). The systematic component is usually modelled, for example, by splitting into seasbimahen
components. This is relevant, for example, to identify whether a patient suffering from winter depressic
shows less symptoms of depression after a therapy, apart from the usual seasonal fluctuations. The n
goal of forecasting models is to pretunobserved outcomes on the basis of observed history. Example:
include statements on the density of traffic and on the necessary time for a patient to receive treatmer
before successful recovery.

Although the merits of the principles underlying timeise analysis have been shown convincingly in
psychology (e.g., Lodewyckx et al., 2011), the models used so far suffer from important limitations. As
discussed below, the number of dependent variables and their nature to include in the andiysitets
Furthermore, the models are static, rather than dynamic in nature. Those limitations imply that importe
dynamics will be kept hidden. Resolving those limitations would be extremely helpful, since understan
the dynamics offers a key to inflaeing, which is of utmost importance in diagnosis and planning
psychological interventions. Furthermore, forecasting can be very useful, for example in forensic psycl
(e.g., to predict aberrant behaviour), or in youth care (e.g., early tracing of alfesrin development). To
resolve the limitations of the time series models used so far, we will extend the linear multiregression
dynamic model (LMDM; Queen et al., 1993, 2007, 2008, 2009) to more general Bayesian dynamic mc
(BDMs). The LMDM, which $ideen successfully applied to traffic forecasting, has a number of favoural
properties that make the model eminently suitable for psychological time series. We will develop some
necessary theoretical extensions, and apply the variant developed to ealpéxamples from typical
psychological time series research. To examine the value of the BDMs in relationship to currently pop
time series models, we will perform a comparative study based on simulated and empirical data.

Jurian Meijering
Probing tre Power of Apollo: Methodological Challenges and Opportunities of the Delphi
Method for Developing Rankings

13 December 2016

Research Methodology Group, Wageningen University

Supervisors: Prof. Adri Van den Brink, Prof. Kristine Kern, & Dr Hilde Tobi
Financed byVageningen School of Social Sciences

1 September 201t 1 September 2016

Summaryof thesis

The Delphi method is a structured datallection process aimed at facilitating experts to achieve a certai
level of agreement on a complex problem. In several subsequent rounds experts give their opinion on
problem of interest, usually by means o$tandardized questionnaire. After each round experts receive
controlled opinion feedback in the form of a summary of the findings. Based on this feedback experts .
allowed to reconsider their opinion in the next round.

Although the Delphi method seents provide opportunities for developing rankings, research into its
application to the development of rankings seems to be-eaistent. Furthermore, the Delphi method has
several unresolved methodological issues, in particular regarding the measurensgreeinent and the
provision of controlled opinion feedback. Therefore, the general objective of this PhD project was to fir
what the methodological challenges and opportunities are of the Delphi method for developing ranking

To achieve this obj¢iwe, four studies were conducted. In the first study, simulations were performed to
out how various agreement indices behave within and across the rounds of a Delphi study. In the secc
study, the Delphi method was applied to develop a ranking éaech domains in landscape architecture.
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An experiment within the study investigated the effect of two types of controlled opinion feedback on tl
drop2dzi NI} 1Sz SELISNI&AQ RSANBS 2F 2LAyA2y OKIy3S
investigated the methodological characteristics of six urban sustainability rankings, which resulted in a
NEO2YYSYyRIGA2Y (2 RSTAYS FyR 2LISNYGA2yFEATS i
Therefore, in the fourth and final study thes[phi method was applied to find out which components
experts find most relevant for defining and measuring urban sustainability. An experiment within this s
LINE JARSR AYyaA3aKG AyhG2 GKS STFSOG 27T Fridsdhdngehindo
the level of agreement.

Overall, this PhD project showed how the Delphi method may be used to: (1) obtain a ranking of objec
ranking attribute and (2) obtain a definition and operationalization of a complex ranking attribute. It wa
also shown that these applications of the Delphi method do not come without challenges. First, selecti
criteria and search strategies need to be developed by which sufficient numbers of different types of e
may be found. Second, for the first Deiguestionnaire a parsimonious list of items (e.g. ranking objects
components of a ranking attribute) needs to be drawn up that largely covers the potentially great diver
of existing items. Third, careful considerations need to be made about wpels of information (i.e.
ddzYYE NE adl GAaGAO&aET NI GAZ2Yyl fS&azr SELISNIAQ 26y
may influence various Delphi outcome measures. Fourth, the choice for a particular consensus, agree
or associatin index needs to be carefully made and justified as it determines the level of agreement ar
experts that is obtained. Finally, project showed that by means of a simulation study and tweonil
Delphi experiments new knowledge about the functiongighe Delphi method could be acquired. More o
these studies are needed to establish evidehesed guidelines and to uncover the full potential of the
Delphi method for developing rankings.

Camelia Minica
FamilyBased Genetic Association Analydidethods and Applications to Addiction Phenotypes

18 February 2016

VU University Amsterdam, Department of Biological Psychology, Faculty of Psycholog
Education, Room 283

Supervisors: Prof. D.Il. Boomsma, Prof. C.V. Dolan & Dr J. Vink

Financed by VWUniversity Amsterdam

1 January 20121 January 2016

Summaryof thesis

Multivariate data may confer power advantages in GWAS, yet multivariate data require modeling choit
Chapter licompared the efficiency (in terms of power) of several analytic strategies to detect a genetic
variant in multivariate phenotypic data. Twin data were simulated to fit exactly the following five model
single common genetic factor, 2) a correlated geéncommon factors model, 3) a latent regression mode
4) a hybrid simplex (AE)actor (C) model, and 5) a stationary double simplex (AE) model. The effect of
genetic variant on all or a subset of the phenotypes was mediated by the common gaogigs). In twin 1
data the following analytic strategies were considered: a) univariate tests in which each phenotype wa
regressed on the genetic variant (single phenotype ANOVA); b) univariate tests based on sum scores
(ANOVA); c) exploratory factor algsis (EFA); ¢) multivariate tests based on MANOVA. Power calculatic
were based on the noaentrality parameter (NCP). Results demonstrated that: a) the sum scores ANO'
and the exploratory factor analysis were the most powerful strategies when thetigesféect was general,
i.e., propagated in all phenotypic indicators, while MANOVA was the least powerful in this circumstanc
MANOVA and EFA were particularly powerful when the genetic variant was propagated in a subset of
phenotypes, and their poweancreased with increasing phenotypic correlations; c) the NCPs of MANOV
EFA were equal across all scenarios indicating that the differences in power between the two strategie
arisen from the differences in degrees of freedom.
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Familybased genotyp@mputation was proposed as a means of increasing power in GWAS, as it allows
the inclusion into association analysis of individuals with observed phenotypes but missing genotypes
Chapter lliconsidere&

Rull text, seehttp://www.iops.nl/concludediops-projects/minicacamelia/

Pieter Oosterwijk
Statistical properties and practical use of classical tssore reliability methods

1 July 2016

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
Supervisors: ProK. Sijtsma &rof.L.A. van der Ark

Financed by Tilburg University

1 Sepember 2011- 1 September 2015

Project description

The goals of this project are twofold. First, investigate whether three methods from nonparametric iten
response theory for tesscore reliabity estimation are closer to the true reliability than other
SalAYIGSazAyOtdzRAY3I / NByol OKQa FfLKF yR GKS
information function in the context of nonparametric item response theory that expresses tijias a
function of the scale, this recognizing that measurement accuracy can vary across the scale of an attri
Some explanation of these goals is the following. Weff 2 6y NBf Al oAf A& YSiK2
the Guttman indices, and thel® are known to be negatively biased relative to the relialolithe test
d02NBd {A2daYl FTYyR a2ftSylFIFN F2dzyR AYyRAOIFI A2y &
reliability methods and their own reliability method were nearly unbiag&ith respectto reliability, and
OSNIi I Ayfte VYdzOK Of2aSNJ GKIFy / NRyolOKQa |t LKIF |
evidence for the small bias or perhaps the absence of bias for these three reliat@tityds and intends to
generalize reults to tests consisting of polytomous items.

The other aim of this project is to propose and investigate a test information function that allows for
reliability assessment at different locations on the scale. The reliability coefficient is just one nuEmbis
used for computing a standard measurement error and a confidence interval for each tested case, if i<
however feasible that for different location on a scale reliability of measurement also varies. A
testinformation function would be a welcome aitidn to nonparametric item response theory, because it
would further enhance the applicability of this flexible class of models for scale construction. Raamsay
provided some first attempts, which serve as point of departure in this project.

NoémiSchuurman
Multilevel Autoregressive Modeling in Psychology: Snags and Solutions

27 June 2016

Methods & Statistics, Utrecht University
Supervisors: Prof. H. Hoijtink & Dr E. Hamaker
Financed by NW®idigrant Dr. Ellen Hamaker
1 September 20121 September 2015

Summaryof thesis

Psychological processes are of interest in all areas of psychology, and all such processes occur withir
individuals over time. Some examples of psychological processes are the regulation of daily mood, the
of job motivation on job performance and vice versa, or social interactions between a parent and child.
order to study these processes it is necessary to take many repeated measures for each individual.
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Multilevel autoregressive models are statistical modélsrt can be used to analyze this kind of datiata
that consist of many repeated measures, for many individuals.

¢CKS | LIINRIFOK 2F | dzi2NBINBaaA@dS Y2RSta Aa adzyy
0SKI@A2NI Aa LI & (essive idddelsh carieit Wbservsttions desi izedI pridict future
observations. By extending the autoregressive model to a multilevel autoregressive model, it becomes
possible to model the repeated measures for many individuals at the same time, while alstingahe
differences between the processes of each individual.

Multilevel autoregressive models are increasing in popularity within psychology, however, the method:
analyzing psychological data with these models are still being developed. The #iis ftissertation was to
further investigate, explicate, and if possible remedy certain difficulties in fitting and interpreting multile
autoregressive models in the context of psychological science. Specifically, in Chapter 1 it is discusse
isimportant to collect many repeated measures for studying psychological processes, and why it is
important to model these processes on an individual level, as well as the similarities and differences
0SGsSSy GKS AYRAGARdIZ t Tuy witNgeifyitigias laversalisyart prirl LJG S
distribution for the covariance matrix of the random parameters is explored, in the context of fitting the
multilevel autoregressive model in a Bayesian framework. In Chapter 3 it is discussed how to starither
model parameters, such that we can make meaningful comparisons of the strength of thdagyged
effects in a multivariate model. In Chapters 4 and 5 the consequences of ignoring measurement error:
the estimation of the model parameters arevigstigated for respectively a singdeibject autoregressive
model and the multilevel autoregressive model, as well as how to account for measurement errors in t
models. The final chapter of this dissertation contains a summary of the work preserttesl pnevious
chapters, and a discussion of some limitations of the multilevel autoregressive modeling approach.

IngaSchwabe
Nature, Nurture and Item Response TheanA Psychometric Approach to Behaviour Genetics

24 March 2016

Department of Researdiethodology, Measurement and Data Analystaculty of
Behavioural Sciences, University of Twente

Supervisors: Prof. C. AW Glas, Dr S.M. Van den Berg, Dr A.A. Beguin & Prof. D.l. Boc
Financed by NWO, PROO grant

1 January 20131 January 2016

Summaryof thesis

My dissertation discusses a humber of psychometric issues that require special attention in the analys
geneticallyinformative data, such as data on twins. These include heterogeneous measurement error,
scaling and scale transformatis, and harmonization of phenotypes. It is shown how ignoring these issL
can result in spurious findings of genotype by environment interactions. Multilevel item response theol
models are proposed that can help solve these problems.
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4.3 New projects

Hilde Augusteijn Getting it right with meta-analysis: Assessing heterogeneity and moderator
effects in the presence of publication bias anéhpcking

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
SupervisorsProf. M.A.L.M. Van Assen, Prof. K. Sijtsma & PidiWicherts
Financed by NWO

1 SeptembeR015 ¢ 1 September 2019

Summary

It is weltknown that publication bias andpacking, which are omnipresent in psychol@ggd other
sciences, lead toverestimated effect sizes in metmalyses. Unknown is how amdhen they affect
heterogeneity and moderator effects in metaalysis. Because thesatcomes of metaanalyses are used
for making decisions, both in science and practiaethods are neededhiat can deal with publication bias
and phacking. The proposed researhassesses consequences of publication bias amacging for
heterogeneity and moderatoeffects, and (ii) improves metanalytic methods enabling researchers to
obtain accurateestimates of overall effect size, heterogeneity, and moderator effects in their applicatior

Tessa BlankenFrom heterogeneous insomnia to homogeneous subtypesid beyond: how do
different subtypes of insomnia relate to (firgtonset depression?

Netherlands Institute for Neuroscienc8leep & Cognitioh Universityof Amsterdam
Supervisor®rof. Eus van Someren & Pr@fenny Borsboom

Financed bYeRC

1 October 201%; 1 January 2020

Summary

Insomnia is a very common health problem that affdmsween 6 and 33% of the populati@depending
on classification criteria. Past research has shown that it is remarkable difficult to pinpoint consistent
characteristics and mechanisms of insomnia. A possibility for this inconsistency is that insamohia is
uniform disorder with a singly underlying mechanism, but rather a heterogeneous disorder consisting «
multiple subtypes. Given the high prevalence rates of insomnia, it is plausible that insomnia may repre
final set of seemingly similar compi#s caused by different underlying mechanisms, pathways and
vulnerabilities.

The aim to define different subtypes of insomnia has a long history and has led to the construction of
different subtypes of insomnia, of which psychophysiological, paradaichidiopathic insomnia are the
most common. Most of these proposed subtypes of insomnia are basasteepcharacteristics, like sleep
complaints or sleep duration. It has been insufficiently explored whether clear subtypes could emerge
sleep charadristics are complemented biyon-sleep characteristics. Such consideration has proven to b
valuable in other disorders. For example, a systematic review on subtypes of depression suggests tha
optimal discrimination may not be accomplished by merely foxsn the familiar defining symptoms of
depression.

In the current project we consider the possibility that insomnia comes in different subtypes of
pathophysiology that are reflected in traits and other stable characteristics, and not necessarily also in
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specificity of sleep complaints. To evaluate this possibility, we have assessstbaprcharacteristics of
insomnia with respect to life history, disease and personality traits through the online Sleep Registry
platform (www.sleepreqistry.nl} an online survey database with a large number of questionnaires. The
aim of the current project is to apply bottoup, datadriven techniques to the Sleep Registry data to deri
relevant, homogeneous subtypesiaSomnia defined by nosleep characteristics.

Next to the high prevalence rates of insomnia, suffering from insomnia increases the risk of developini
depression. Estimations are that 13% of people suffering of insomnia today, will suffer from depm@ssi
year later. In addition, the prevalence of depression has been increasing over the past years and the
prognosis is that depression will be the prominent cause of the global burden of disease in 2030. Ther
it is of importance to identify subgups that are at high risk for developing a depression. Insomnia is on
the strongest risk factors for depression that may be best modifiable. Thus, the second aim of this pro|
to assess how different subtypes of insomnia relate to the onset ofedegpon.

In sum, the current project aims to apply bottemp, datadriven techniques to derive relevant subtypes ol
insomnia defined byonsleep characteristics. This understanding of subtypes hopefully leads to more
accurate classification of peoplefring from insomnia with the ultimate goal to provide better, and mor
precise treatment. In addition, knowledge of relevant, homogeneous subtypes might offer more insigh
who is at risk for depression, enabling intervention of insomnia and therepgfally the prevention of
depression.

Nadja Bodner Boolean Networks

Quantitative Psghology& Individual Differenceg;aculty of Psychology and Educational
SciencesKU Uhiversity of Leuven

SupervisorsProf.Eva Ceulemang®rof. Frands Tuerlinckx¥ DrGuy Bosmans

Financed by FWO

1 October2016 ¢ 1 October 2020

Summary

Dyadic interaction processes are considered to be the engines of child development, attachment, and
psychopathology (Bowlby, 1969/1982). Indeed, attachment theory statesstitgiects form secure
attachment relations if their suppoigeeking behavior is adequately and sensitively acted upon by signif
others. Whereas the latter can be readily observed for infants and their mothers (e.g., Beebe et al., 20
is much hareér for older children and adults (Dwyer, 2005), given that attachnnelated behavior becomes
more sophisticated and diverse, but less explicit with increasing age (Mayseless, 2005). Which behav
considered supporseeking, sensitive or adequatejngrinsically tied to the sequential dynamics of the
interaction. Hence, studying the content and structure of such sed¢orgkcond behavior chains seems to
be crucial to advance theory and, in the long run, diagnostic processes and interventions (B&sitens,
2015). The same holds for the study of affective interactions and many other key concepts in the behe
sciences.

The obvious complexity of the data (i.e., a multitude of behaviors tracked across time), asks fenéalbor
data-analytic modés, which capture the temporal dependencies and interrelations among all of these
behaviors in easto-interpret rules. The aim of this project is to propose a modeling framework, based «
the key principles of Boolean networks (Kauffman, 1969), that méetseed, and to develop
accompanying software for both researchers and practitioners.
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Vincent Buurman PCA with Optimal Scaling and Regularization

Mathematical Institute Statistical Science for the Life and Behavioral Sciences
Leiden University

SupervisorProf. J. Meulman

Financed by.eiden University / IBM SPSS

22 January 201622 January 2020

Summary

Principal Components Analysis (PCA) has many purposes; a.o., it is used for dimension reduction,
visualization, scaleonstruction and noise reduction. Depending on the application, one of these goals i
focus of the analysis and thus drives the considerations involved. One of these considerations is the
dimensionality of the solution that one should choose. Applaratf PCA in social sciences is limited as ir
this field the data that are collected are often strictly not one of a real numbers. Demographic data, for
example, are often categorical, that is data without a natural ordering or distance between catedtiges.
oft used Likert scales are ranking scores, that is scores with a natural ordering, but not necessarily eq
distance between subsequent values. Homogeneity Analysis also known as Multiple Correspondence
ysis (MCA)) allows dimension reductiortledse types of data. The extension of PCA into PCA with Optin
Scaling will be called @8CA. OPCA allows us to analyse categorical data in a PCA fashion. Categoric:
are optimally scaled (transformed) such that the lower dimensional representgiien by the OBCA
analysis contains as much information of the correlational structure of the transformed data as possibl
transformations also allow us to look at nonlinear relationships between the variables, or the variables
the principal omponents.

PCA has been extended to high dimensional data settings by introducing the concept of regularization
high dimensional data settings, the risk of overfitting a model to the data is increased. These methods
based on analogies to ridge atite lasso penalties in regression. As in regression, these penalties requi
tuning. We study two different ways to extend @ A. Since @BCA includes transformations of the
variables, the risk of overfitting, compared to linear PCA, is increased.r3hedi is to look at
regularization of the transformations. The second is to look at regularization of the component loading

Daniela Crisan Practical Implications of the Mist of Item Response Thebtydels

Psychometrics and Statistjdsaculty oBehavioural and Social Sciences
University of Groningen

SupervisorsProf. Rob Meijer & Dr Jorge Tendeiro

Financed byJniversityof Groningen

1 Septembef015¢ 1 Septembe019

Summary

In education, psychology, and health research item response tH#&) is increasingly used to construct
tests and to evaluate the psychometric quality of existing tests. Due to the increasing availability-tf-ea:
use software, not only test developmental companies, but also researchers use IRT for the developne
evaluation of tests and questionnaires. Before an IRT model can be applied, researchers should repol
measures to show that the models they use describe the data

fairly well so that, for example, estimated theta levels can be trusted. However, dB&lsrand their
underlying assumptions represent ideals about data that do not exist in practice. As Funder (1997) dis
Ay I Y2NB 3ISySNItod O2yGSEGY a¢KSNB NB 2yfeé i
misleading, incompleteand imprecise. The second kind is No Data". Because IRT modelfitrtbeedata, a
researcher who applies these models is left in uncertainty which model to choose and whether model
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makes a significant difference for practical decisions thattersed on the application of these models.
Additional parameters can be added to the model resulting in more complex models that may have a |
fit, but require more complex parameter estimation, and these parameters may be less stable under
replications. For practical decisions should a researcher prefer the more complex models or does the\
fit of simple models have minor influence on the practical decisions that are being made in practice?

What researchers and practitioners badly need is evigeabout the stability of the main conclusions of
empirical educational research in which IRT models are being used (Molenaar, 1997). Some of the re:
problems that this project tries to address may be summarized as follows:
1 Is there a difference ithe main conclusions derived from an instrument (e.g., a test or a
questionnaire) with or without bad items in the test?
1 Is there a difference in the main conclusions derived from an instrument with or without misfitt
item score patterns?
1 If there are dfferences: How large and how consequential are they?
In this project we will investigates the practical significance of misfit of IRT models, tttheisxtent to
which the decisions made from test scores are robust against the misfit of thmdBals" (Sinharay &
Haberman, 2014). The main aim of this project is to investigate through both simulated data and empi
data, whether the main conclusions in empirical research hold under different IRT models and under
different violations of IRT mads.

AlexandraDe Raadtt N2 LISNIIASa 2F / 2KSyQa 11 LLI

Educational SciencgBaculty oBehavioural and Social Sciencggiversityof Groningen
SupervisorsProf RJ.Bosker& Dr M. Warrens

Financed byJniversityof Groningen

1 October2015 ¢ 1 October 2019

Summary
This PhD consist of four projeckappa coefficients to handle missing dagdfect of deleting a bad categon
dependence on the number of categoriasd reporting category kappas instead of an overall value.

Jeffrey Durieux Clusterwise Independent Component Analysis for malibject (restingstate)
fMRI data

Methodology and Statistics Unlinstitute of Psychologyaculty of Social and Behavioral
SciencesLeidenUniversity

SupervisorsDr Tom F. Wilderjan& Prof. Serge A.R.B. Rombouts

Financed bNWO

1 September 2016 1 September 2021

Summary

Our brain is a network of functionally connected brain regions. Functional network integrity may disrug
the cascade of events leading to dementia before anatomical or cognitive changes become apparent.
Increasing sensitivity to identify network alteians therefore may enhance the early detection of dement

To this end we propose Clusterwise Independent Component Analysis (CICA), a technique-Rarhjeati
fMRI data that clusters subjects based on withinster similarities and betweedlusterdifferences in
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functional networks. As such, networks sensitive to early changes may be discovered irde\datavay.
Additionally, we will also study how anatomical MRI information can be incorporated into the technique

To facilitate applied researelns to use our novel CICA method, a dsemdly R package will be developed
And since applied researchers may not be very familiar with R, we will also create a web application (!
making use of R shiny apps) to make the CICA software easy accessible.

Zhengguo Gd Monitoring Individual Change in Mental Health Care and Education

MTQ Tilburg School of Social and Behavioral Sciences, Tilburg University
SupervisorsProf. K. Sijtsma & IW. Emons

Financed byfilburgUniversity

1 September 201§ 1 September 2019

Summary

Routine outcome measurement (ROM) is increasingly used to monitor individuals on psychological (e.
psychological welbeing) and cognitive attributes (e.g., language proficiency), and is aimed primarily at
providing data for makig decisions about individuals, for example, with respect to the development of
pathological conditions (therapy adaptation) and skills and abilities (remedial teaching). ROM also is
important in medical (Alzheimer monitoring) and health (quality of lifpriovement) decisiormaking.

ROM is highly important but unfortunately still suffers from lack of psychometric foundation. This proje
aims at developing innovative psychometric approaches to individual change assessment, thereby im|
the quality and usability of ROM.

Sofia GvaladzeCapturing timevarying multivariate dynamics through principal component
analysis based methods

Methodology of Educational Researétaculty of Psychology and Educational Sciendds
University of Leuven

SupervisorsProf.Eva Ceuleman®rof.Francis Tuerlinck& DrPeter Kuppens

Financed by

2016 ¢ 2020

Summary

Nowadays improvements in technology allow to collect multivariate t@ges on multiple response
channels. Understanding the multivariaignamics present in these data and how they change across tii
is not easy in case the number of variables grows larger. In this case, dynamic dimension reduction b
methods may be a great help for capturing the major features of the data. These metraydginpoint how
variables covary and influence one another across time, and how these dynamics are affected by
interventions or important events. When studying multiple individuals, multiset extensions of these
methods could shed light on which of thedgnamical aspects are shared by different individuals and wh
makes them unique. The aim of this project is to develop such methods, based on principal componer
analysis, and to compare their performance to existing techniques. The new methods wilhlsldp
empirical data and disseminated to substantive researchers by, amongst others, buildirg-essy
software.
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Adela Isvoranu Psychosis: Towards a Dynamical Systems Approach

PsychologicdResearctMethods, Faculty of Social and Behavioural Sciences, University
Amsterdam

SupervisorsProf. Denny Borshoom &rof Jim van Os

Financed by NWO

1 September 20161 September 2020

Summary

Schizophrenia is among the most heterogeneous and lederstood mental disorders (van Os, Kenis, &
Rutten, 2010). Despite a century of intense research, underlying causes are still unclear and treatmen
success is limited (Buckley, 2007). This project argues that the lack of scientific progress in mhayfieé
partly due to a suboptimal psychometric conceptualization of schizophrenia, and proposes a new fram
to study the spectrum of psychotic disorders, based on a network approach (Borsboom & Cramer, 20:
Four subprojects are advanced, from theastigation of risk factors to prediction, screening, and validatis
of results at the intrandividual level.

Jolanda KossakowskiThe PsychoGraph: Developing a Seismograph for Psychology

PsychologicdResearchMethods, Faculty of Social and Behavioural Sciences, University
Amsterdam

SupervisorsProf. Han L.J. Van der Maas & Dr Lourens J. Waldorp

Financed byJvA & Yield

1 October2015¢ 1 October2019

Summary

What if we can predict the onset of psychopathologies, like a seismograph predicting upcoming
earthquakes? The purpose of this project is to develop a system that assesses the risk of the onset of
and gives guidelines to prevent it. The proposed prioeéounded on three pillars. The first subproject
involves estimating dynamic networks in combination with a stochastic process on that network. The fi
2T GKS aS02yR 4adzoLINRP2SO0 Aa (2 RSGSNNYAYS aisikohsi
6S 221 F2N) ySi62N)] LI NFYSGSNBR (KIFIG RNAGS |y
developing a method that lets wontrolindividual nodes and edges in the network, with control meaning
that we can drive a network into @esired state within finite time.

Tim LoossensStatistical modelling of emotion dynamics

Quantitative Psychology and IndividuaffBiences Faculty of Psychology and Educations
SciencesKU Leuven

SupervisorsProf. Francis Tuerlinckx & [3tijn Verdonck

Financed by

2016- 2020

Summary
This research project aims to acquire a thorough understagndf the dynamics driving ertions. To
accomplish this, a stochastic non{linear dynamical model is proposed, badsohgftype networks that

34



[

I0PS Sitmemes ™™ IOPS Annual Report 2016

help relate basic neurophysiological principles to complex behavioyrarticular, the model aims to
RSAONROGS || LISNBE2YQa y2y9f Aingoitandafectiv feat@es bffa stiviBus, LJ
such as pleasantness and unpleasantness.

The research consists of three important steps: studying the mathematical properties of the

model, developing a methodology for statistical if@ence, and programming a usfiendly software
which will allow researchers it the model to their data. In &rst instance, theanathematical tools have to
be developed to analyse the model and its properties. This shoeldde insighin the equilibrium and the
non-equilibrium dynamics of the system, allowingeeper understanding of the response mechanidna o
LISNE2Y Q& SY2(A 2y Moredid, Thizhrialysi shbuld YiedplsignglifyJhebcomputations
required for statistical inferenceCreating a methodology for statistical inference is important in order to
able b test modelagainst noisy redife data. The statistical inference methodology should also deal witt
anumber of other challenges, such as individu#fiedences. Finally, in order for resehers touse the
model, a useffriendly and performant software has to be developed.

The modelill be tested on a number of prototypical data sets which have been collected in

the lab as well as in daily life. They include both healthy individuals and persons with an

emotional disorder. The model should be able capture certain characteristic é=atalated tathe
emotional well{being of individuals and their response to stimuli. Furthermore, struafiffatences
between the emotional regulatory networks of healthy individuals and individuatsa disorder are
expected.

Sanne Smid The use oéxpert data in Bayesian Latent Growth Curve Models with a distal
outcome

Methodology and Statistics, Faculty of Social Sciences, Utrecht University
SupervisorsPof.H. Hoijtink & Dr R. van de Schoot

Financed bNWO

1 January 2016 1 January 2020

Summary

My research focuses on the use of informative priors in latent growth curve models, with a small sam
size. In social sciences, researchers often experience difficulties collecting enough data and obtaining
statistical power, due to small or lito access target groups or prohibitive costs, resulting in a limited d
set. The use of Bayesian statistics with informative priors increases the amount of statistical power.
Background knowledge from previous publications can then be translatedtiatetatistical prior
distributions. However, for limited data sets, this might not be available, as such data remains usually
unpublished. We can overcome these obstacles by using background knowledge from experts, such &
researchers, clinicians, and extseby-experience. The background knowledge from these experts can tt
be used to construct the statistical prior distribution which can then be updated with the data.

The overall objective of my Phoject is to study the use of expert data in latent growth curve models,
to develop guidelines for researchers who suffer from limited data. | am using simulation studies to
investigate how much expert data is neededctimpensate for the small sample size, which parameters |
the model need informative priors, and how informative these priors should be. | will also investigate h
expert data can be translated into statistical distributions, and what the effect isafjceeing experts.
Furthermore, a systematic review will be conducted to give an overview of papers in which simulation
studies are used to investigate the performance of Bayesian estimation, when the sample size is smal
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Pia Tio- SPANCSimultaneous Principal and Network Components model for integration of mt
source data

MTQ Tilburg School of Social and Behavioral Sciences, Tilburg University
Supervisas. Prof. J.K. Vermuntr&f. D. Borsbhoom, Dr K. van Deun & Dr L. Waldorp
Financed b]NWG-AspasigVan DeunERGConsolidato{Borsbhoom)

1 Februari2016 ¢ 1 February 2020

Summary

From a data analytic perspective, megtiurce data contains several obstacles. A general prohblitma
high number of variables is how to extraetevant information that is hidden within laulk of irrelevant
variables. Assuming that only a small subset of variables is actually of inspage modelling shrinks the
contribution of many variables (some to zero) to minimise thgidual sum of sgares. However, given its
multi-source nature it is possible that groupswvafriables inherently have different characteristics, for
example in their signab-noise ratio.lgnoring this information leads to more shrinkage of variables from
data sources wi particularcharacteristics even though they may be important in the substantive
interpretation of the truemodel structure. Additionally substantive interpretation requires a data analytit
model that isbased on a datgenerating theory. No statisticatethods are currently available that can
handleall these issues simultaneously.

We propose that the combined efforts of component and network analysis can deal withabstxcles, for
the weaknesses of one are the strengths of the other and vice vBysa.

incorporating the best of both analytic models, we add a new tool to the statistical toolbox of big data
researchers.

Nikky Van Buuren Bayesian Networks and Personalized Learning Recommendations

CITQ& University of TwentéResearch Center f&xaminations and Certification (ROEC)
Supervisor$rof. Theo Eggen, Prof. JeRaul Fox & Dr J. Hendrik Straat

Financed bYCITO & University of Twente

1 November 201%; 1 November 2019

Summary

Although Bayesian Networks have already been applied ifieleeof education, their promising properties
for personalized learning have not been thoroughly researched yet. The method is mainly promising b
of its flexibility in handling different types of data, and it has the power to make complex formarofig
and assessments more accessible. Aspects under investigation in this research are first of all the eval
of structures and parameters of Bayesian Networks for personalized learning. Then extending both ne
and psychometrical research withnew method in which marginal models are used to come to Bayesial
networks. Finally, achievements of recommender systems in a personalized learning environment are
investigated. The final dissertation will ideally lead to a systematical toolbox of lyillaluating and
learning Bayesian Networks for a personalized learning environment.
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Daan Van RenswoudeGazePatterns Tell the Tale: A Mod@ased Approach to FreBcene
Viewing in Infancy

Developmental Psycholog$ocial and Behaviour@tiences, University of Amsterda
SupervisorsProf. M. Raijmakers, DrVisser &rL. Waldorp

Financed byfIELD

1 September2015 ¢ 1 September 2019

Summary

To learn about the structure and properties of the world, infants must select usgéumation from their
environments[18] and use that information to identify objects, categories and, latemone abstract
concepts[28]. Allocating attention towards objects instead of perceptual salietiogrisfore a crucial step
in human developmentas objectased attention indicates the availabilibf some conceptual knowledge
to recognize objects as such. Attention allocation of infart®44nonth-olds) in complex realorld scenes
is studied in two well controlled experimental studiesd onelarge (N=300) frescene viewing study in
which multiple baby labs (UvA, UCR&dboud) are involved.

Duco Veen Elicitation of expert information: Modelling latent growth models with prior expert
information and evaluating predictions

Methodology andStatistics, Faculty of Social Sciences, Utrecht University
Supervisor$rof. Dr. Herbert Hoijtink and Dr. Rens van de Schoot
Financed b]NWOc¢ VIDI grant Van de Schoot

1 August2016 ¢ 1 August2020

Summary

The PhD project has a strong focus on the methodology how to elicit expert information. In specific me
will be developed to elicit beliefs and translate these into probability distributions concerning paramete
a latent growth curve model with dil (long term) outcome. Small sample sizes may make it impossible
estimate the latent growth curve models with distal outcomes in a classical statistical framework. By u:
the elicited information from experts as prior information in a Bayesian fraank, researchers might be
able to test their theories and fit their model. The methodology that will be developed will be used in
empirical examples to solve the respective data problems and to demonstrate the use of the methodol
Further we will invetsgate methods for the evaluation of elicited beliefs in the light of new data.

Lieke Voncken Norming Methods for Psychological Test

Psychometrics and Statistjdsaculty of Behavioural and Social Sciendesversity of
Groningen

SupervisorsProf. Marieke E. Timmermai Dr CasperJ. Albers

Financed byJniversity of Groningen

1 September 201§ 1 September 2019

Summary
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At present, norms for intelligence and developmental (IDe) tests are estimated usoajled continuous
norming, rather thamorming per subgroup. Continuous norming is generally believed to be more effici
than the traditional norming per subgroup (e.g., Zachary & Gorsuch, 1985; Zhu & Chen, 2011). The cc
of continuous norming is to build a statistical model that retathe relevant characteristics (as age) to the
distribution of test scores. Various statistical (continuous) norming methods exist, but the quality of the
procedures has been hardly examined, and the procedures have not been mutually compared. In add
there are no welfounded procedures to compute a minimally required sample size for a norm group, o
rules-of-thumb are available. The aims of this project are (1) to identify the optimally suitable and most
efficient continuous norming methods for éDests, and (2) to develop methodology to optimize the
sampling design for this approach. We distinguish four subprojects. The first two aim at identifying anc
disseminating the best approach to continuous norming, the third aims at optimizing the sgrdpkign,
and the final subproject implements the findings of the previous subprojects in a software package (R]

Iris Yocarini Psychometric evaluation of combining tests in a higher education context

Institute of PsychologyFaculty of Soci@ciencesErasmus University Rotterdam
SupervisorsProf. L. ArendsDr S. Bouwmeester & 8. Smeets

Financed byerasmus University Rotterdam

1 April2015¢ 1 April 2019

Summary

In the academic year of 2012012 a new compensatory testing system wasoduced in the first year of
the psychology bachelor at the Erasmus University Rotterdam (EUR). Herein students are allowed to
compensate, within certain boundaries, a low test score of one course with a high test score on anothi
course. This is contséed to the conjunctive testing system in which students need to pass each individt
course. Additionally, an important decision is made at the end of the first bachelor year in which stude
either pass of fail the requirements to continue their bachiedtudies. In the new compensatory testing
system, this decision is not based on each individual course but rather on the average grades of seve|
courses. As a consequence, the average grade serves as a decision making tool in which the stakes ¢
In this research project the decision accuracy of this decision is evaluated using a realistic compensat
O2ya2dzy O A @3S RSOAAA2Y NUzE S ¢2 R2 a2z aArydzZ Il GA
aGdzRSYyiQa 20aSNPER (Sad ao2NBa 4 GKS 9

Beibei Yuan ¢ K Smachine: A new competitive and interpretable classifier based on
dissimilarities

Methodology and Statisti¢énstitute of PsychologyFaculty of Social and Behavioural
Sciences, Leiden University

SupervisorsProf. M. de Rooig Prof. W.J. Heiser

Financed bNWOGraduate Programme 2013 (IOPS)

1 October2015¢ 1 October2019

Summary

We propose a new basis for classification. The standard approach is to base classification on the basi
set of features. In our approach we first compute dissimilarities from the set of features and base our
classification on these dissimilarities.igkeads to nonlinear classification boundaries in the original featu
space. In contrast with machine learning tools, this procedure provides interpretable results in terms o
distances to exemplars, whereas others are often seen as black boxes. Weatiodyg dissimilarity
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measures, both binary and multiclass classification problems, variable importance measures, margina
dependence relationships, and extensions to high dimensional problems.

4.4 Running projects

Joost Agelink van Renterge#@andvliet

Advanced Neuropsychological Diagnostics Infrastructure (ANDI)
Brain & Cognition / Psychologigc. Social and BehSc, University of Amsterdam
SupervisorsProf. Ben SchmandProf. Hilde Huizenga¥of. Jaap Murre
Financed by NW/MaGW

1 September 2018 1 September 2017

Yasin Altinisik

Research replication through the evaluation of prior knowledge in the form of
informative hypotheses and sparse big data models

Methodology and Statistics, Faculty of Social Sciences, Utrecht University
Supervisors Prof. H. Hoijtink, Prof. T. Oldenhinkel, Dr R. Kuiper & Dr R. Klein Entink
Financed by NWO

20 February 2014 20 March 2018

Frank Bais

Respondent profiles and questionaire profiles in mixewde surveys
Methodology and Statistics, Faculty®dcial Sciences, Utrecht University
SupervisorsProf. J.J. Hox, Dr J.G. Schouten & Dr V. Toepoel

Financed by Utrecht University

1 January 2014 1 January 2018

Nitin Bhushan

t K5 bS062N] ReylYAOa 2F K2dzaSKz2f RaQ
Psychometrie & Statistiek, Fac. BSS, University of Groningen

SupervisorsProf. E.M. Steg, Dr C.J. Albers & Prof. R.R. Meijer

Financed by NWO and University of Groningen

1 September 201§ 1 September 2018

Laura Boeschoten

Consistent Estimates faCategorical Data based on a Mix of Administrative Data
Sources and Surveys

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
Supervisorshof. A.G. De Waal,rBf. J.K. Vermunt &rD.L. Oberski

Financed byfilburg University

1 March 2015 1 March 2019

Florian BdingMessing

Testing orderconstrained hypotheses on variance components
MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
SupervisorsProf J.K. Vermunt &rJ. Mulder

Financed by Tilburgniversity

1 September 2012~ 1 September 2017
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Kirsten Bulteel

Dynamic network models for dyadic data

Faculty of Psychology and Educational Sciencejddelogy of Educational Sciences
Research Group, KU Leuven

Supervisors: DE. Ceuleman®rof. F.Tuerlinckx

Financed by FWO

1 October 2013 1 October 2017

Jed Cabrieto

Capturing timevarying response patterning and synchronicity through Switching
PCA model

Methodology of Educational Research, Fedsychology and Educational,¥dJ Leuven
SupervisorsDr Eva Ceulemans, Prof. Francis Tuerlinckx, Dr Peter Kuppens

Financed by

1 October 2014 1 October 2018

Jolien Cremers

Circular data in longitudinal designs

Methods & Statistics, Faculty of Social Sciences, Utrecht University
SupervisorsProf. Herbert Hoijtink & Dr Irene Klugkist

Financed by NWO Vidi

September 2014 1 September 2018

Mathijs Deen

Resampling methodology for longitudinal data analysis

Methodology and Statistics Unistitute of Psychology, Faculty of Social and Behawio
Sciences, Leiden University

SupervisorsDr M. De Rooij & Prof. W.J. Heiser

Financed by Leiden University / Parnassia Groep

1 August 20131 August 2019

Laura Dekkers

Why speeding on your scooter isgpod idea: Decision strategies in childhood and
adolescence

DevelopmentaPsychology, Faculty of Social and Behavioural Sciences, University of
Amsterdam

SupervisorsProf. H.M. Huizenga, Dr B.R.J. Jansen

Financed by

1 September 2018 1 September 2017

Dino Dittrich

Social network modeling using Bayesian statistics

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
Supervisors: Bf. J.K. Vermunt, Prof. R.T.A.J. Leenders, Dr J. Mulder
Financed byfilburg University

1 June 2014 1 June 2017

GiulioFlore

Predictive Unfolding Models for Singleeaked Items with Binary and Graded
Response Data

Methodology and Statistics, Social and BeharabSciences, Leiden University
Supervisors Prof. W.J. Heiser & Prof. M.J. de Rooij

Financedoy Leiden University
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14 February 201§ 14 February 2019

Paulette C.Flore

The psychometrics of stereotype threat

MTO,Tilburg School of Social and Behavioral Sciefiaksirg University
SupervisorsDr J.M. Wicherts & Prof. J.K. Vermunt

Financed bNWO Talent Grant

1 September 2018 1 September 2017

Chris Hartgerink

Detecting potential data fabrication in the social sciences

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
SupervisorsProf J.K. Vermun®rof J.M. WichertsDr M.A.L.M. \&n Assen
Financed by Tilburg University

1 September 2014 1 September 2018

Abe Hofman

Analyzing developmental change with timseries data of a large scale monioring
system

Psychological Methodology,DepartmentRdychology, FMG, University of Amsigm
Supervisors: Prof. H.L.J. Van der Maas, Dr |. Visser & Dr B. R. J. Jansen

Financed by WO, Research Talemgfrant

1 Sepember 2012- 1 September 2017

Thomas Husken

Event history analysis for population sizstimation of elusive populations
Methodology and Statistics, Faculty of Social Sciences, Utrecht University
SupervisorsDr M.J.L.F. Cruyff & Prof. P.G.M van der Heijden

Financed by Utrecht University

1 September 201§ 1 September 2019

Lianne Ippel

Streaming estimation of response heterogeneity

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
SupervisorsDr M.C. Kaptein and Prof. J.K. Vermunt

Financed byfilburg University

1 October 201331 August 2017

Maarten Kampert

Distance based analysis on (gen)omics data

Mathematical & Applied Statistics Grougmllaboration withNetherlands Metabolomics
Center (Leiden Univ.), Dept. of Biological Psychology (VU Univ. Amsterdam), Biometris
(Wageningen University & Research CentétjR)

SupervisorProf J.J. Meulman

Financed by IBM / SPSS Leiden

1 December 20121 December 2018

Fayette Klaassen

Hypotheses formulation, evaluation, updating and replication for experimental
univariate within person data

Methodology and Statistic&aculty of Social Sciences, Utrecht University
SupervisorsProf. Herbert Hoijtink & Prof. Irene Klugkist

41


http://www.iops.nl/list_students/5286/attachment/hofman-abe-2

[

Iops

Psychometrics and

Sociometrics

IOPS Annual Report 2016

Financed by NWO Talent Grant and Utrecht University
1 September 201§ 1 September 2019

Joost Kruis Developing Process Measurement Models wittoBd Applicability
Psychological Methods, Faculty of Social and Behavioural Sciences, University of Amste
Supervisor®rof. Han Van der Maas, Prof. Gunter Maris & Dr Dylan Molenaar

Financed by NWO Graduate Programme 2013 (IOPS)

1 September 20161 September 2020

Kimberley Lek How to hedge our bets in educational testing: combining test
results with teacher expertise

Methodology and Statistics, Faculty of Social Sciences, Utrecht University
SupervisorsDr Rens Van de Schoot & Pidérbert Hoijtink

Financed by NWO Talent Grant

1 September 201§ 1 September 2019

Xinru Li

Meta-CART: An integration of classifcation and regression trees into ragtalysis
Mathematical Institute, Leiden University

SupervisorsProf. Jacqueline J. Meulman & Dr Elise Dusseldorp

Financed by Leiden University

1 November 2014 1 November 2018

Merijn Mestdagh

Modeling and control of dynamical withifperson networks

Faculty of Psychology and Educational Sciences, QuantiRgixahology and Individual
Differences, KU Leuven

SupervisorsProf F. TuerlinckXProf. D. Borsboom & Dr P. Kuppens

Financed by FWO

1 October 2013 1 October 2017

Kees Mulder

Bayesian analysis of circular data in betwesnbjects designs
Methods &Statistics, Faculty of Social Sciences, Utrecht University
SupervisorsProf. Herbert Hoijtink & Dr Irene Klugkist

Financed bNWGVidi

1 September 2014 1 September 2018

Erwin Nagelkerke

Diagnostics for latent class models with dependent univariate andltivariate
observations

MTO, Tilburg School of Social and Behavioral Sciences, Universiteit van Tilburg
SupervisorsProf. J.K. Vermunt & . Oberski

Financed by NWO, Research Talent Grant

1 February 2018 1 Febrauary 2017

Michéle Nuyten

Human factors in statistics

MTO, Tilburg School of Social and Behavioral Sciences, Universiteit van Tilburg
SupervisorsDr J.M. WichertsPpr M.A.L.M. Van Assen & Prof. J.K. Vermunt
Financed by NWO, Vidi grant nr 452-004

1 December 20121 December 2017
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Annemiek Punter

Psychometric modeling of cultural bias in International Lar§eale Assessments
Research Methodology, Measurement and Data Analysis, Faculty of Behavioural Scienc
University of Twente

Supervisors ProfC.A.W. Glas, Prof..J.H.M. Eggen & Dr M.R.M. Meelissen

Financed by IEA (Int. Association for Evaluation of Educational Achievement)

1 January 201§ 1 January 2018

Oisin Ryan

Not straightforward: Mediation and networks in continuous time
Methodologyand Statistics, Faculty of Social Sciences, Utrecht University
SupervisorsDr E.L. Hamaker & Prof. P.G.M. Van der Heijden

Financed bNWO Research Talent

1 September 201§ 1 September 2019

Alexander Savi

Experimentation in online educatiorincreasing return on investment through A/B
testing

Psychological Methods, Social and Behavioural Sciences, University of Amsterda
SupervisorsProf. Gunter J.K. Maris & Prof. Han L.J. van der Maas

Financed by NWO

1 February 2014 1 February 2018

Aniek Sies

Developing a statistical methodology for optimal treatment assignment
Quantitative Psychology and Individual Differences, Faculty of Psychology and Educatio
Sciences, KU LeuveBelgium

SupervisorProf. lven van Mechelen

Financed bKU Leuven

1 October 2014 1 October 2018

Robbie Van Aert

Meta-analysis in the presence of publication bias and researcher degrees of
freedom

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
Supervisors: Bf. K. Sijtsma, Dr M.A.L.M. van Assen & Dr J.M. Wicherts

Financed bNWO (Research Talent Grant)

1 September 2018 1 September 2017

Riet Van Bork Empirical methods to distinguish network from latent variable
constructs

Psychological Methods, Soc#ld Behavioural Sciences, University of Amsterda
Supervisors: Dr Mijke Rhemtulla &P Denny Borsboom

Financed by UVA argluropean Research Council

1 November 2014 1 November 2018

Mattis Van den Bergh

Divisive latent class modeling

MTO, Tilburgschool of Social and Behavioral Sciences, Tilburg University
Supervisors: f. J.K. Vermunt, Dr V.D. Schmittmann

Financed b]NWOc Vici

1 May 2014; 1 September 2017
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Johnny Van Doorn

Bayesian inference for ordinal data in psychology

Psychologicallethods, Social and Behavioural Sciences, University of Amsterda
SupervisorsProf. E.J. Wagemakers & Dr M. Marsman

Financed by NWO Graduate Programme

1 September 201§ 1 March 2020

Sara Van Erp

Advancing structural equation modeling with unbiasd#hyesian methods
Methodology and Statistics, Tilburg School of Social and Behavioral Sciences, Tilburg
University

SupervisorsProf. JK Vermunt, Dr J. Mulder & DrID.Oberski

Financed by NWO Research Talent Grant

1 September 201§ 1 September 2019

Leonie Van Grootel

Not as we know it: Developing and evaluating synthesis methods that incorporat
guantitative and qualitative research

Methods & Statistics, Faculty of Social Sciences, Utrecht University

SupervisorsbrH.R. BoeijeDr F. van Wesel &rof. J. Hox

Financed by Utrecht University

1 August 2011 1 August 2017

Geert \an Kollenburg

Diagnostics for latent class models

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
SupervisorsProf J.K. Vermunt &r JMulder

Financed by NOW, part of Vgriant Prof. dr J.K. Vermunt

1 July 20121 July 2017

EvaVvan Vlimmeren

The mapping of national cultures: Examining the robustness of measurements o
crossnational cultural dimensions

MTO,Tilburg School of Sociahd Behavioral Sciences, Universiteit van Tilburg
SupervisorsProf J.KVermunt & DrG.D.B. Moors

Financed by NWO

1January 2012 1 January 2017

Coosje Veldkamp

Human factors in statistics

MTO, Tilburg School of Social and Behavioral Sciedoasersiteit van Tilburg
Supervisors: Dr J.M. Wicherts, IrA.L.M. Van Assen Brof J.K. Vermunt
Financed by NWO, Vidi grant nr 452-004

1 December 201217 January2017

DavideVidotto

Multiple imputation of nested missing data using extendéatent class models
MTO, Tilburg School of Social and Behavioral Sciences, Universiteit van Tilburg
SupervisorProf. J.K. Vermunt

Project financed by NWO, Research Talent Grant

1 Sptember 2013 1 September 2017
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Lisa Wijsen

The History oPsychometrics: Tools, Trends and Turning points
Psychological Methods, Social and Behavioural Sciences, University of Amsterda
SupervisorsProf. Denny Borsbhoom & Prof. Willem Heiser

Financed by NWO Graduate Programme

1 September 201§ 1 March 2020

Same Willems

New Approaches in Survival Analysis

Mathematical Institute Statistical Science for the Life and Behavioral Sciehetden
University

Supervisor®rof. Dr. J.J. Meulman & Dr. M. Fiocco

Financed by

1 September 2014 1 September 2018

EvaZijlmans

Solutions for some psychometric problems of the reliabilitypsf/chological
measurements

MTO, Tilburg School of Social and Behavioral Sciences, Tilburg University
Supervisors: Prof. Dr. K. Sijtsma, Dr. J. Tijmstra &.®rvan der Ark

Financedy Tilburg University

1 September 2014 1 September 2018

Mariélle ZondervanZwijnenburg

Formalization and evaluation of prior knowledge based on prior/posterior
predictive inference

Methods & Statistics, Faculty of Social Sciences, Utrecht University
SupervisorsProf. H. Hoijtink, Dr A. G. J. Van de Schoot

Financed bNWO Gravitation

1 July 2014 1 March 2019
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5  Staff

As described in paragraph 2.BetlOP Sstaff membersbelong to the participatingregular staff) and
cooperating (associated staffjstitutes. There are two categories of staff members: junior and
senior staff members. Both require acknowledgment in their field according to, among others,
international publications. Junior staff memisehave obtained their PhD less than five years ago,
and do not necessarily have (esponsibility of dissertation research. Senior staff members do
have (ce)responsibility of dissertation research.

5.1 Professorships

EvaCeulemansvas appointed profesor October F at KU University of Leuvesn Quantitative data
analysis

5.2 Staff changes

Junior staff members admitted to IOPS in 201 6

Zsuzsdakk¢ Leiden University
LakshmBalachandran Naig Utrecht University
JudithConijng University of Amsterdam
Marjolein Fokkemag Leiden University
Maurits Kapteing Tilburg University
GabrielaKoppenotGonzalez; Erasmus University Rotterdam
Maarten Marsmang University of Amsterdam
RezaMohammadic Tilburg University
MaryamSafarkhanic Utrecht University
NoémiSchuurmarg Utrecht University
IngaSchwabeg Tilburg University
BellaStruminskaya Utrecht University
MariekeVan GernefHaang Utrecht University
GerkoVink ¢ Utrecht University

Wouter Weedac Leiden University

KateXu¢ Erasmus University Rotterdam
RobertZwitser¢ University of Amsterdam

D>y D DDy DD D D

Senior staff members admitted to IOPS in 201 6

A WendyPost¢ University of Groningen
A TomWilderjansc Leiden University

From junior to senior

A MaartenCruyffc Utrecht University
A RensVan de Schoot Utrecht University
A FlorytVan Wesek Utrecht University
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A LourensWaldorp ¢ University of Amsterdam

Junior staff members leaving IOPSin201 6

A MariannaAvetisyanc University of Twente
ThomasKlauschg Utrecht University

Mijke Rhemtullag University of Amsterdam
JosineVerhageng University of Amsterdam
AnnemarieZand Scholterg University of Amsterdam

> > > D>

Senior staff members leaving IOPS in 201 6

A AnneBoomsmag University of Groningen (retirement)
A ArneEversc University of Amsterdam (retirerme)
A Keesvan Puttenc Leiden University (retirement)

Staff movements  within IOPS in 2016

KimDe Roovefrom Leuven to Tilburg

Suzannelakfrom Utrecht to UvA Methods and Statistics
DanielOberskifrom Tilburg to Utrecht

Iris Smitsfrom UvAPedagogyo Cito

JoostVan Ginkelwithin Leiden from A&O to M&T
FlorytvVan Wesefrom VU Amsterdam to Utrecht

vy >y > D>

Emeritus status

IOPS proudly keeps inuch with its emeritus members.
No staff members emred the emeritus status in 2016

1 Januari 2016 31 DecembeR016

Junior staff members 29 37
Senior staff members 68 74
Honorary emeritus members 20 20

a7
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5.3 Staff members

Leiden University

Institute of Psychology, Methodology and Statistics Unit

A Dr Zsuzs8akk(junior): z.bakk@fsw.leidenuniv.nl

Prof. MarkDe Rooij(senior):rooijm@fsw.leidenuniv.nl

Dr ElisdDusseldorp(senior): elise.dusseldorp@fsw.leidenuniv.nl
Dr MarjoleinFokkema(junior): m.fokkema@fsw.leidenuniv.nl
Prof.HenkKelderman(senior): h.kelderman@fsw.leidenuniv.nl
Dr JoosWan Ginkeljunior): jginkel@fsw.leidenuniv.nl
DrWouter Weeda(junior): w.d.weeda@fsw.leidenuniv.nl

Dr. TomWilderjans(senior):t.f.wilderjans@fsw.leidenuniv.nl

> >y > D

Institute of Education and Child Studies
A DrMarianHickendorff(junior): hickendorff@sw.leidenuniv.nl

Mathematical Institute
A Prof.JacquelindVleulman (senior): jmeulman@math.leidenuniv.nl

University of Amsterdam

Department of Psycholog  y - Methodolog y

Prof.DennyBorsboom(senior): d.borsboom@uva.nl

Dr AngéliqueCramer(junior): a.o.j.cramer@uva.nl

Dr RaoulGrasman(senior): r.p.p.p.grasman@uva.nl

Prd. GunterMaris (senior): g.k.j.maris@uva.nl

Dr MaartenMarsman(junior) - m.marsman@uva.nl

Dr DylanMolenaar (junior): d.molenaar@uva.nl

Prof.HanVan der Maagsenior) h.l.j.vandermaas@uva.nl

Prof. ErieJanWagenmakergsenior): e.m.wagenmakers@uva.nl
DrLourensWaldorp (senio: |.j.waldorp@uva.nl

Dr RoberZwitser (junior):r.j.zwitser@uva.nl

D>y > P

Department of Psychology - Developmental Psychology

p>

Dr Hilde Huizengasenior): h.m.huizenga@uva.nl
DrBrendalansen(senior): b.r.j.jansen@uva.nl

Dr Maartje Raijmakergqsenior): m.e.j.raijmakers@uva.nl
DriIngmarVisser(senior): i.visser@uva.nl

> > >

Department of Psychology - Work and Organizational Psychology
A
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Department of  Child Development and  Education - Methods and Statistics

A Dr JudithConijn(junior):j.m.conijn@uva.nl

Dr Suzanndak(junior): s.jak@uva.nl

Dr Terrencelorgenser(junior): T.D.Jorgensen@uva.nl
Prof.FransOort (senior):f.j.oort@uva.nl

Dr NielsSmits(senior): n.smits@uva.nl

Prof. AndriesVan der Ark(senior):L.A.vanderArk@uva.nl
DrBonneZijlstra(junior): b.j.h.zijlstra@uva.nl

>y > >

University of Groningen

Department of Psychology

A DrCaspeAlbers(senior) c.j.albers@rug.nl
Prof.HenkKiers(senior):h.a.l.kiers@rug.nl

Prof. Dr. RolMeijer (senior): r.r.Meijer@rug.nl

Dr JorgeTendeiro(senior): j.n.tendeiro@rug.nl
Prof.Marieke Timmerman(senior):m.e.timmerman@rug.nl
Dr DonVan Ravenzwaaisenior): d.van.ravenzwaaij@rug.nl

> > >y > >

Department of Sociology

A DrMark Huisman(senior): j.m.e.huisman@rug.nl
A DrMarijtie Van Duijn(senior): m.a.j.van.duijn@rug.nl

University of Twente

Department of Educational Measurement and Data Analysis

A Prof. ThedEggen(senior):t.j.h.m.eggen@twente.nl

Dr JeanPaulFox(senior):g.j.a.fox@utwente.nl

Prof. Cees$slas c.a.w.glas@utwente.nl

Dr Stéphanievan den Berdsenior) stephanie.vandenberg@utwente.nl
Dr Bernardveldkamp(senior):b.p.veldkamp@utwente.nl

> > > >

Tilburg University

Department of Methodology and Statistics

p>

Dr MarjanBakker(junior): m.bakker_1@tilburguniversity.edu
DrMarcelCroon(senior): m.a.croon@tilburguniversity.edu
DrKimDe Roovef(junior): k.deroover@lburguniversity.edu
Dr WilcoEmons(senior): w.h.m.emons@tilburguniversity.edu
Dr JohrGelissensenior):j.p.t.m.gelissen@tilburguniversity.edu
Dr Maurits Kaptein(junior): m.c.kaptein@tilburguniversity.edu
Dr RezaMohammadi(junior): a.mohammadi@burguniversity.edu
Dr GuyMoors, (senior) guy.moors@tilburguniversity.edu
Dr JorisMulder (junior):j.mulder3@tilburguniversity.edu
Prof.KlaasSijtsma(senior):k.sijtsma@tilburguniversity.edu
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DrVerenaSchmittmann(junior): v.d.schmittmann@tilburguniversity.edu
Dr IngaSchwabg(junior):i.schwabeddllburguniversity.edu

Dr JespeiTijmstra(junior):j.tiimstra@tilburguniversity.edu

Dr MarcelVan Asserfsenior): m.a.l.m.vanassen@tilburguniversity.edu
Dr KatrijnVan Deun(senior):k.vandeun@tilburguniversity.edu

Prof. Jeroe’ermunt (senior): j.k.vermunt@tilburguniversity.edu

Dr JelteWicherts(senior): j.m.wicherts@tilburguniversity.edu

Utrecht University

Methodology & Statistics Department

A

> DD DD DD DDy Dy DD D

DrLakshmBalachandran Naiunior):l.balachandrannair@uu.nl
DrMaarten Cruyff (senior): m.cruyff@uu.nl

Prof.EdithDe Leeuw(senior):e.d.deleeuw@uu.nl

Dr EllerHamaker(senior):e.l.hamaker@uu.nl

Dr DavidHessen(senior):d.j.hessen@uu.nl

Prof. HerbertHoijtink (senior): h.hoijtink@uu.nl
Prof.IreneKlugkist(senior):i.klugkist@uu.nl

Dr Rebecc&uiper(junior): r.m.kuipe@uu.nl

Dr PeterLugtig(junior): p.lugtig@uu.nl

Dr MirjamMoerbeek(senior) m.moerbeek@uu.nl

Dr DanielOberski(junior): d.l.oberski@u.nl

Dr MaryamSafarkhani(junior): m.safarkhani@uu.nl

Dr NoémiSchuurman(junior): n.k.schuurman@uu.nl

Dr BellaStruminskayajunior): b.struminskaya@uu.nl

Dr VeraToepoel(senior) v.toepoel@uu.nl

Prof. StefVan Buuren(senior) s.vanbuuren@uu.nl
Prof.PeterVan der Heijder(senior): p.g.m.vanderheijden@uu.nl
Dr Rensvan deSchoot(senior): a.g.j.vandeschoot@uu.nl
MariekeVanGernerHaan(junior): Marieke.haan2@gmail.com
FlorytvVan Weselsenior):f.vanwesel@uu.nl
Gerko Vink (junior): g.vink@u.nl

KU Leuven, University of Leuven

Faculty of Psychology and Educational Sciences

A

> > > P

Prof.EvaCeulemangsenior): eva.ceulemans@ppw.kulen.be

Prof. Franci§uerlinckx(senior): francis.tuerlinckx@ppw.kuleuven.be
Prof. IvenVan Mecheler(senior): iven.vanmechelen@ppw.kuleuven.be
DrWolf Vanpaemel(senior):wolf.vanpaemel@ppw.kuleuven.be

Dr TomWilderjans(junior): tomwilderjans@pw.kuleuven.be

Statistics Netherlands (CBS)

A

Prof. Torde Waal(senior): t.dewaal@cbs.nl
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A DrBarrySchouten(seniol: jg.schouten@cbs.nl

Psychometric Research Center (Cito), Arnhem

A DrTimoBechger(senior), timo.bechger@cito.nl
Dr AntonBéguin(senior),anton.beguin@cito.nl
Dr BaHemker(senior),bas.hemker@cito.nl

Dr IrisSmits(junior): irissmits@ito.nl

> > >

5.4 Associated staff members

A Prof. LidiaArends(senior), Psychology Institute, Erasmus University Rotterdam:
arends@fsw.eur.nl

A DrSamanth&Bouwmeester(senior), Psychology Institute, Erasmus University Rotterdam:
bouwmeester@fsw.eur.nl

A Dr MathCandel(senior), Methodology and Statistics, Maastricht University:
math.candel@maastrichtuniversity.nl

A Prof. ConorDolan(senior) Faculty of Psycholfy and Education, Degiological VU
University Amsterdanc.v.dolan@vunl

A Prof.PatrickGroenen(senior), Faculty of Economics, Erasmus University Rotterdam:
groenen@eseeur.nl

A Dr Shahaldolani(junior), Methodology and Statistics, Maastricht University
shahahjolani@maastrichtuniversitynl

A Dr GabrielaKoppenotGonzaleZjunior) ¢ Department of Psychology, Education & Child
StudiesErasmus University Rotterdakoppenolgonzalez@fsw.eur.nl

A Dr YfkeOngena(junior): Centre for Information and CommunicatidResearchfaculty of
Arts, University of Groningeg:p.ongena@rug.nl

A DrMarikePolak(junior), Psychology Institute, Erasmus University Rotterdam:
polak@fsw.eur.nl

A Dr WendyPost(senior),Special Needs Education and Youth Care, Faculty of Behadndral
Social Scienceniversity of Groningen: w.j.post@rug.nl

A Dr JanSchepergjunior), Methodology and Statistics, Maastricht University
jan.schepers@maastrichtuniversity.nl

A DrFransTan(senior), Methodology and Statistics, Maastricht University:
franstan@maastrichtuniversity.nl

A DrHildeTobi(senior), Research Methodology, Wageningen University: hilde.tobi@wur.nl

A Prof.GerardVan Breukeler(senior), Methodology and Statistics, Maastricht University:
gerard.vbreukelen@maastrichtuniversity.nl

A Dr Sophievan der Sluigjunior), VUUniversity Amsterdamsophie.van.der.sluis@cncr.vu.nl

A DrWolfgangViechtbauer(senior),Psychiatry & Neuropsychologylaastricht University:
wolfgang.viechtbauer@maastrichtuniversity.nl

A Dr MatthijsWarrens(junior): m.j.warrens@rug.nDept. of Education, University of
Groningen

A Dr KateXu (junior), Department of Psychology, Education & Child Studies, Erasmus University
Rotterdam man.kate.xu@fsw.eur.nl
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Honorary emeritus members

Prof. MartijnBerger, martijn.berger@maastrichtuniversity.nl
Prof. JelkéBethlehem jelkeb@xs4all.nl

Prof. PauDe Boeckdeboeck.2@osu.edu

Prof. WilDijkstra, w.dijkstra@fsw.vu.nl

Prof. PauEilers p.eilers@erasmusmc.nl

Prof. Jacqueblagenaarsjacques.a.hagenaars@tilburguniversity.edu
Prof.Willem Heiser,heiser@fsw.leidenuniv.nl

Prof. JoofHox j.hox@uu.nl

Prof.PieterKroonenberg kroonenb@fsw.leidenuniv.nl
Prof. GideorMellenbergh,g.j.mellenbergh@uva.nl

Prof. RobertMokken, mokken@science.uva.nl

Prof. IvoMolenaar, molenaarivo@gmailcom

Prof. AbMooijaart, mooijaart@fsw.leidenuniv.nl

Prof. WillemSaris w.saris@telefonica.net

Prof. TomSnijders.t.a.b.snijders@ruglin

Prof. JoS'en Bergej.m.f.ten.berge@rug.nl

Prof. WimVander Lindenwjvdlinden@outlookcom

Prof. Hand/an der Zouwenj.van.der.zouwen@fsw.vu.nl

Dr NormanVerhelst,norman.verhelst@gmail.com
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6  Scientific awards and grants

IOPS Annual Report

6.1 Awards and grants honored to IOPS staff members

6.1.1 Scientific awards

2016

A Oberskj Daniel (2016)Psychometric Society Best Reviewer for Psychometrika Award
Granting Organisations University of Amsterdam
A Van de SchogtR.(2016).Young Academy, KNABtanting Organisations: KNAW

6.1.2 NWO Grants

NWO Veni, Vidi, Vici grants
These argart of the NWO Innovational Research Incentives Sch&fam[ewingsimpul$

Hamaker E
(2010, Utrecht Un.

HuizengaH.

(2013), UvAAmsterdam

Klugkist, I.

(2013), Utrecht Un.

Kuiper, R.M.
(2016),Utrecht Un.

Molenaar, D.
(2015)

Mulder, J.
(2013), Tilburg
University
Oberskij D.
(2014), Tilburg
University

Van de SchogtR
(2011) Utrecht Un.

Vermunt, JK.
(2010), Tilburg
University

Time for change: Studying Vidi
individual differences in

dynamics

Why speeding on your scooter Vici
is a good idea: decision

strategies in childhood and
adolescence

A Different Angle: New Tools | Vidi
for Circular Data

Studying timdlagged effects | Veni
using ESMlata: Statistics lag
behind, it is time to go

continuously

Within-subjects Approaches to Veni
the Analysis oResponses and
Response Times to

Psychometric Tests

Testing competing theories Veni

Developing novel latent Veni
variable techniques that open

up a treasure trove of register

data for social science

Integrating background Veni
knowledge about traumatic

stress experienced after

traumainto statistical models
assessing individual change

over time

Stepwise modefitting Vici
approaches for latent class

analysis and related methods
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1 May 2011
1 May 2016

1 Sept 2013
31 Aug 2019

November 2013,
November 2018
December 2016
December 2020

1 Oct 2015¢
1 Oct.2019

2013-2018

1 January 2018
31 December 2017

January 201¢%

January 2016

23 June 201t
22 June 2016

€ 800.000

€ 250.000

€ 250.000

€ 250.000

€ 250.000

€ Hpn

€  0MOOp
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Wicherts J.M. Human Factors in statistics Vidi September 2012 | € 0.0
(2012), Tilburg September 2017
University
NWO Aspasia grants

With the Aspasia grants, NWO stimulates the promotion of female researchers in ragikérg.

Hamaker E 2011-2016 €

(2011),Utrecht Un.

Manodnnn

NWO Open Competition grants
The Open Competition is subsidy program for the advancement of innovative andundty scientific
research in the social and behavioral sciences.

NWOResearch Talent grants
NWO Research Talent is a responsive mode funding scheme, which offers talented and ambitiou:
researchers a platform to pursue a scientific career and carry outduglity PhD research.

Assen M. van Meta-analysis in the presenct PhD student 1 Sept. 2018 | € 165000
(2013), Tilburg of publication bias and Robbie varAert 1 Sept. 2017
University researcher degrees of

freedom
Assen M. van Getting it right with meta PhD student 1 Sept. 201% | € 210000
(2015), Tilburg analysis: Assessing Hilde Augusteijn | 1 Sept. 2020
University heterogeneity and moderator

effects in the presence of

publication bias and

hacking
Borshoom,D. Network psychometrics PhD student 1 Aug2012- | € 167.576
(2012),UvAAmsterdam Sach&pskamp | 1 Aug 2016
Borshoom D.& J. Van | Psychosis: Towards a PhD student 1 Sept. 2016
0s(2016), Dynamical Systems Approac Adelalsvoranu 1 Sept. 2020
UVA Amsterdam
Hamaker E. & Van der | Not straightforward: PhD sudent 1Sept.2015 € H M@
Heijden, P. (2015), Mediation and networks in | QisinRyan 1 Sept. 2019
Utrecht Un. continuous time
Hoijtink, H. Processing within person PhD student 1Sept. 2018 | ¢ wMcCYy'!
(2013), Utrecht Un. experimental and Anouck 1 Sept. 2016

longitudinal data using Kluytmans

Bayesian updating
Hoijtink, H.(2015), How to hedge our bets in PhD student 1Sept.2015 € HMP!
Utrecht Un. educational testing: KimberlyLek 1 Sept. 2019

combining test results with

teacher expertise
Moors, G.(2012). The mapping of national PhD student Eva | 1 Sep 2012 € H183%
Tilburg University cultures: Examining the van Vlimmeren. | 8 Jan 2017

robustness of measurements

of crossnational cultural
dimensions.

54



[

I0Pps S IOPS Annual Report 2016
Snijders, T.A.B., Wittek, The ceevolution of weli PhD student 1 Sep 2015 € HMOp
R.& Van Duijn, M being and the kinship De Bel, V. 1 Sep 2019

(2015) Un. of network after parental

Groningen divorce.

Timmerman,M.E.& Understanding human PhD student: 1July 2012 | € 161.363
Meijer, R.R. behaviouralprocessesvith TanjaKrone 1 March 2016

(2012),Un. of Bayesian dynamic models

Groningen

Van der Ark L.A. Improving norms for PhD student 1 Sept. 2012, € 168.735
(2013), Tilburg psychological and educationi; Hannah 1 Sept. 2016

University tests Oosterhuis

Van der ArkL.A.& Scaling methods for PhD student 1 Nov. 201& € 168735
B.J.H. Zijlstra (2016) Uv multilevel test data Letty Koopman 1 Nov. 2020

Amsterdam

Van der Maas, H.L.J. Analyzing developmental PhD student: 1Sep2012¢ | € 168.576
(2012),UvAAmsterdam | change with timeseries data = AbeHofman 1 Sep2016

of a large scale educational
monitoring system
Van Duijn M.A.J., CoEvolution of networks and PhD student: 2013¢ 2016 € 166.235
Snijders T AB., & realvalued actor attributes | Niezink, N.M.D.
Niezink, N.M.D. (2013)
Un. of Groningen

Vermunt, J.K. Advancing structural PhD student 1 Sept. 201% | € 210.000
Mulder, J equation modeling with Sara van Erp 1 Sept2019

(2015), Tilburg unbiased Bayesian methods

University

Vermunt, J.K. Multiple imputation of PhD student 1 Sept. 2018 | € 165000
(2013), Tilburg nested missing data using | DavideVidotto 1 Sept. 2016

University extended latent class models

Wicherts J.M. Thepsychometrics of PhD student 1 Sept. 2018 | € MC |
(2013) Tilburg University stereotype threat PauletteFlore 1 Sept. 2017

Wilderjans T.F. & Clusterwise Independent PhDstudent 1 Sept. 201 € AV 4

Rombouts, S.A.R.B. Component Analysis for JeffreyDurieux 1 Sept. 2021
(2016) Leidn University | multi-subject (resting state)

fMRI data
Other NWO grants
Franse, R.K. & Facilitators in Museums NWO- 20152016 € pno.
Raijmakers, M.E.J. Stimulate Family Museumbeurs
(2015). Conversations.
Hoijtink, H. as one of a | Individual development: why| NWOGravity 20122016 €540.000
group of 20 principal some children thrive and Scheme Of totale
investigatorg2015) 20KSNE R2y Qi o 27.60M00
SchmandB,, Huizenga | Advanced Investment 1Sept2013 € np.
H.& Murre, J. Neuropsychological Subsidy NWO 31 Aug 2017
(2013) UvA Amsterdam| Diagnostics Infrastructure Medium

(ANDI)
Van Schaik, J.E. & The Element of Surprise: NRQGPostdocs in | 20162019 € 147.240
Raijmakers, M.E.J Variability as the trigger of | Education
(2016). science conceptualization an Research

transfer in kindergartners
Veenstra, R., Dijkstra, | Social networks processes | NWOPROO 2013- € 717.326
J.K., Vollebergh, W., and social development of

children and addscents
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Harakeh, ZYan Duijn,
M., & Steglich,C. (2013)

6.1.3 International grants

International grants

Altinisik, Y. ,Kuiper, Research replication through the Turkish Government 20142018 | € 50.000
R.M & Hoijtink, H. evaluation of prior knowledge in
(2014), Utrecht Un. | the form of informative

hypotheses and sparse higta

models
Borsboom D.(2015) @ ERC Consolidator grant for the | European Research | 20162020 | € H & n n |
UVA LINP 2SO0 at aé OKz Council (ERC)

Consolidating Network
I LILINR F OKSR G2 t
Gu Xin& Hoijtink, H. | Bayesian Evaluation of Inequaliti Chinese Scholarship| 2011-2016 | € ¢ p .

(2011), Utrecht Un | Constrained Hypotheses Council

HartgerinkC, How valuable statistical tools are US federal Sept. 2016 $100,000
Wicherts J. &van to detect data fabrication. government Seq. 2017

Assen M.

WagenmakersE.J. Bayes or Bust: Sensible Consolidator grant by May 2012  €1.500.000
(2011), UvA hypothesis tests for social the European May 2017

Amsterdam scientists Research Council

Grants awarded to KUeuven, University of Leuven

Bartlema E., PhD position Fund Scientific Researct 1 Oct 2012 @ 4 years PhD
Vanpaeme] W. (FWO), Flanders, 30 Sept salary
(2012) Belgium 2016
Bulteel, K., PhD position Fund ScientifiResearch | 1 Oct 2013 | 4 years PhD
CeulemansE. & (FWO), Flanders, 30 Sept salary
Tuerlinckx F. Belgium 2017
(2013)
Ceulemans E., De studie van dyadische Fund Scientific Researct 1 Jan2016 € HM@pP
BosmansG.. & interactiepatronen: Een (FWO), Flanders, 31 Dec 2019
Tuerlinckx F. Booleaanse Belgium
(2015) netwerkbenadering
CeulemansE., Switching component Fund Scientific Researct 1 Jan 2014 € omn
Kuppens P., & models for capturing (FWO), Flanders, 31Dec 2017
Tuerlinckx F. emotional response Belgium
(2013) patterning and

synchronization processes
CoomansF., Kwantumkansrekening in = Special Research Fund, 1 Oct 2015 | 1 year of
Tuerlinckx F., cognitie: Een casestudie in| KU Leuven 31 Aug 2016 postdoc
Vanpaeme] W. beslissingsmodellen salary
(2015)
De RooverK., postdoc grant Fund Scientific Researct 1 Oct 2013 | 3 years of
CeulemanskE. (FWO), Flanders, 30 Sept postdoc
(2013) Belgium 2016 salary
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Mestdagh M., PhD position Fund Scientific Researct 1 Oct2013 | 4 years PhD
Tuerlinckx F., (FWO), Flanders, 30 Sept salary
Kuppens P. & Belgium 2017
Borsboom D.,
(2013)
Tuerlinckx,F. Understanding the dynamic| Grant by The National | 1Jan2013- | € H dc @
(2012) of the individual through Fund for Scientific 31 Dec2016

network analyses of ResearckBelgium

Experience Sampling data | [Fonds voor Wetensch.

Onderzoekvliaanderen]

Tuerlinckx F., Formal models of the GOA grant 1Jan 201% @ € 1.250000
CeulemansE., affective system: Dynamics| Special Research Fund, 31 Dec 2019
Kuppens P.,vVan exogenous inputs and KU Leuven
Mechelen I., & relation to subjective well
Vanpaeme] W. being.
(2013)
Tuerlinckx F. TquanT UK National Agency for 1Sept2015 € HT ®T
(co-promotor) Erasmus+ 31 Aug 2018
(2015)
Tuerlinckx F. Steunpunt Flemish Governement | 1Jan2013 € ¢ ®c o
(copromotor) Toetsontwikkeling en 31 Dec 2017
(2012 Peilingen
Van Mechelen]. Developing crucial Statistice Grant by Belgian Scienc| 2012-2017 € non
(2012) methods for Understanding Policy[Federaal

major complex Dynamic Wetenschapsbeleid]
Systems in natural, bio
medical and social sciences

Verdonck, S., postdoc grant Special Research Fund, 7 Oct 2015 | 1 year of
Tuerlinckx F. KU Leuven 6 Oct 2016 | postdoc
(2015) salary
Verduyn, P.Van postdoc grant Fund ScientifiResearch | 1 Oct 2012 @ 6yearsof
Mechelen I. (FWO), Flanders, 31 Oct 2018 | postdoc
(2012) Belgium salary

Other Grants

Boeije,H. & Kwaliteitsverbetering in de Grant forPhDproject, Aug.201Z (¢ MHAN DN
Leferink, S. hulpverlening aan funded by Fonds Aug. 2016 | Fonds Slacht
(2012), Utrecht slachtoffers door innovatie slachtofferhulpand Dept. offerhulp and
University in effectmeting of Methodology and € MH N &N n
Statistics, Utrecht Un. M&S UU.
Candel M. Sample size calculation fo, ZonMw(The Nether April 2012- | € MMp ¢
(2011), Maastricht nested costeffectiveness | lands Organization for April 2016
un. RCT¢PhD student project) Health Research and
Development)
JansenBR.J., The missing factor in math Interne AlGcompetitie 20142018 € HAndn
Salemink, E., & | anxiety: The role and Ontwikkelingspsychologit

Wiers, R. (2014), ' modification of cognitive
UvA Amstrdam biases and executive
functioning
Keijsers, LTer Grant for Postdoc on Utrecht University, Youth 2013-2016 | € 96.000
Hillegers, M. Bogt, disentangling normative | & ldentity Seed Project
T.,Van de Schoaot,  irritability from early signs
of depression among
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R, Vollebergh, adolescents with cell

W., Cahn W. phone micremeasures of

daily mood swings

Klugkist, I, Bayesian statistics applied Grant for PhDproject, Sept. 2013 € T Pp N

Nielen, M. (DGK, | to clinical trials from funded byFaculty of ¢ Sept. Fac

Utrecht veterinary medicine Veterinary Medicine, 2017 Veterinary

University Utrecht Un andDept. of Medicine,UU
Methodology and YR €
Statistics, Utrecht Un. by Dept.M&S,

uu.

Meijer, J., Imandt, Voorspellende waarde, Research fund granted bi 1 Feb 2016 € p by ®H N

M., Snoek, M., effecten en onderliggende Nationaal Regieorgaan | 31 Jan 2020

Van Blankenstein, mechanismen van Onderwijsonderzoek

FM. & Van selectieprocedures ide (NRO)

der Ark, L.A. lerarenopleidingen

(2015)

RaijmakersM. 1. Mental models: Guiding Research Grant from the 1 Jan2012 € nMmt ¢

Van der MaasH. | knowledge development ir Platform Beta Techniek | ¢ 1 jan

& HaarhuidH. the individual child [TalentenKracht] 2016

(2011),UvA 2. Optimizing materials for

Amsterdam experimentation

VeraToepoel Knowledge Clips in Project for designing

(2016), Utrecht Statistics video'sto educate in

un) statistics together with

Peter Lugtig, Rens van
der Schoot, Marieke
Westeneng en Leonie va

Tichem
Van der Heijden, @ The estimation of Grant for PhD project Jan. 2012, € w~Mnnon
P. BakkerB. population size and funded by CBS aridept. @ Jan. 2016 @ CBS and
(CBS), (main appl] population characteristics | of Methodology and € 100.000 by
Cruyff, M, using incomplete registries Statistics, Utrecht Un Dept.M&S,
Whittaker, J. Utrecht Un.
(Lancaster Un
Van der Heijden, | Event history analysis for | Grant forInternational 1 Sept. € HNAN®nN
P.& Cruyff,M. population sizeestimation | PhD project, fundety 2015
(Utrecht Un.) of elusive populations the faculty of Social 1 Sept.

andBehaviouralSciences 2019
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6.2 Awards and grants  honored to IOPS PhD students

6.2.1

Scientific awards

In 2016 the following IOPS PhD students were honored with a scientific award:

A
A

> >

> > > >

> > >

6.2.2

Zsuzsa Bakk: 2016 Distinguished Dissertation Award of the Classification Society
MariaBolsinova Psychometric Society Awa2®16for her PhD thesiéBalancing simple
models and complex reality. Contributions to item response theory in educational
measuremeng University Utrecht. Granting Organisations: Psychometric Society
DriesDebeer IOPS Bestr@sentation Award (Summe016)

Sach&pskamp LeamerRosenthal Prize for Open Social Science (BITTS)
ChrisHartgerink the Right to Research CoalitiR2RC) "Next Generation Leadership
Award" (at OpenCon2016 in Washington D.C.)

JonadHaslbeck:IOPS Best Presentation Awdilinter 2016)

Adelalsvoranu the Unilever Research Award

KimberleyLek IOPS Best Poster Award (Summer 2016)

Merijn Mestdagh IOPS Best Paper Award 20EmBgerprint resampling: A generic method for
efficient resamplingpublished inScientific Reports (2015, 16970, 121)
MichéleNuijten: LeamerRosenthal Prize for Open Social Science (BITTS)
Claudiavan Borkula Top Publication Award, Research Institute SHAREember 201H
NikkyVan Buuren IOPS BestdBter Awart (Winter 2016)

Grants

ChrisHartgerink(main applicant),.Vicherts& M. Van Assen$100,000 by the US federal
government to conduct research into how valuable statistical tools are to detect data
fabrication. The entire research proposal was published upon submission of the grant
application, in the spirit of Open Sciend#tps://doi.org/10.3897/rio.2.e886Q and to allow

for feedback on the research plans. The grant funds their research during the academic year
20162017

Adelalsvoranu the NWO Research Talenta®t. Project:Psychosis: Towards a Dynamical
Systems Approach
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7  Research output

7.1 Scientific publication

7.1.1 Dissertations by IOPS PhD students

Bolsinova M. (2016) Simple Models & Complex Reality: Contributions to item response theory in educational
measurementUtrecht University

Bringmann L.F. (2016Pynamical Networks in Psychology: More than a pretty pictité Jniversity of
Leuven

De Klerk S. (2016)Multi-Media Based Performance Assessment in Dutch Vocational Edu&iiaBO

Debeer, D. 016) Item-position effects and missing responses in lesgale assessments: Models and
applicationsKU University of Leuven

Doove L.L. (2016)Ireebased methodologies for the detection of treatmenitogroup interactions and the
estimation of optimatreatment regimes in randomized controlled trighd) University of Leuven

Fagginger AuerM.F. (2016)Solving multiplication and division problems: Latent variable modeling of students’
solution strategies and performandeeiden University

Gerritsg S.C(2016). An application of population size estimation to official statistics. Sensitivity of model
assumptions and the effect of implied coverag&echt University.

Gu, X.(2016. Bayesian Evaluation of Informative HypotheSisecht University.

Heylen J.(2016). Modeling variability in time profiles: Teasing apart amplitude and shigpeUniversity of
Leuven.

Jabrayiloy R.(2016). Improving Individual Change Assessment in Clinical, Medical and Healt Psychithogy
University.

Jongerling J (2016). There and back again: Studying intedividual differences in intrandividual variability
Utrecht University.

Krone T.(2016. Some Notes on Bayesian Time Series Analysis in Psychisingysity of Groningen.

Meijering, J.(2016). Probing he Power of Apollo: Methodological Challenges and Opportunities of the Delphi
Method for Developing Ranking&/ageningen University.

Minica, C.C(2016. FamilyBased Genetic Association Analysis: Methods and Applications to Addiction
PhenotypesVUAmsterdam.

Oosterwijk, P.R. (2016 Statistical properties and practical use of classicalseste reliability methodgilburg
University.

Schuurman N.K.(2016). Multilevel Autoregressive Modeling in Psychology: Snags and Solldinesht
University.

Schwabe I.(2016). Nature, Nurture and Item Response ThepAyPsychometric Approach to Behaviour
GeneticsUniversity of Twente.

7.1.2 Other dissertations under sup ervision of IOPS staff members

Hiemstra, D(2016).Focus on your strengths?: The rofgerceived relative strengths versus weaknesses in
learning effort{Groningen]: Rijksuniversiteit Groningdd.€. Timmermai

Meijering, J.V. (2016Rrobing the power of Apollo: Methodological challenges and opportunities of the Delphi
method for develping ranklingsWageningen University & ResearéhTob).
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Lemme, Francesca. Efficient treatment allocation in 2x2 cluster randomised and multicentre trials. PhD
ceremony Jan 2016, Maastricht University, promotores prof GJP van Breukelen, prof MPF Berger,
copromotor dr MJJM Candel.

Maniju, Abu. Optimal sample sizes for ceffectiveness cluster randomized and multicentre triéddeD
ceremony Nov 2016, Maastricht University, promotor prof GJP van Breukelen, copromotor dr MJJM
Candel.

Rietbergen, C. (2018Ruantitative Evidence Synthesis with Power Ptittrecht University

Van GeelM.J.M., & Keuning, T. (26)LImplementation and effects of a schoolwide dé@sed decision
making intervention: a largscale studyUniversiteit Twente. DOL0.3990/1.9789036541190.

Van der Scheer, E. (201Bata-based decision making put to the testiversiteit Twente. DOI:
10.3990/1.9789036541589.

7.1.3 Refereed article in a journal

Aardoom, J.J., Dingemans A.E., Spinhovevidn. Ginkel).R.De RooijM.J. & Van Furth E.F. (2018jeb-based fully
automated seHhelp with different levels of therapist support for individuals with eating disorder symptoms: A
randomized controlled trialJournal of Medical Internet Resear@id(6): 1327.

Abidi, L., Oenem A.,Candel, M.J.J.Mvan de Mheen, D. (2016).theorybased implementation program for
alcohol screening and brief intervention (ASBI) in general practices: Planned development and study protocol
of a cluster randomised controlled trial. Contempor&fnical Trials, 51, 787.

Agrusti, G., Poce, A., Scaramuzzo, G., Damiani, V., Agrusti F., Dobson, S., Veldkamp, B. (2016). LIBE project
Supporting Lifelong learning with Inquibased education. (LIBE Proje&43058LLP1-20131T-KA3KA3MP).
EuropeanUnion Lifelong Learning Programma. DOI: 10.13140/RG.2.1.3098.9044.

1GFNE 93 al YRSt X 5 o\RdijhakérsM.ELISBidRIE, S2MPE018)1 FA RAIYARODA 6 X a ® 3
¢SYLISNIYYSYyGd YR a2iKSNBQX | yR Cl (i KGNEsPaiedOWINE 3 & A2y t NB
Emotional Faceslournal of Abnormal Child Psycholpdg(5), 975990.

Albers C.J., Kardaun, O.J.W.F., & Schaafsma, W. (2&K8yning probabilities to hypotheses in the context of a
binomial distribution Brazilian journal oprobability and statistics30(1), 127144.d0i:10.1214/14BJPS264.

Anderson, C."J.Bahnik, S, BarnettCowan, M., Bosco, F. A.Chandler, J. Chartier, C. R.Cheung, F.

Christopherson, C. D Cordes, A, Cremata, E.") Della Penna, N.Estel, V., Fedor, A, Fitneva, S. A.Frank,
M. C., Grange, J. A.Hartshorne, J. K.Hasselman, F.Henninger, F, van der Hulst, M, Jonas, K."JLai, C.
K, Levitan, C. A.Miller, J. K, Moore, K. S, Meixner, J. M, Munafo, M. R, Nejenhuijs, K. 1, Nilsonne, G,
Nosek, B. A, Plessow, F.Prenoveau, J. M.Ricker, A. A. Schmidt, K, Spies, J. R Stieger, S, Strohminger,
N, Sullivan, G.B.van Aert, R. C. Mvan AssenM. A. L. M, Vanpaemé, W, Vianello, M, Voracek, M?, &
Zuni, K(2016).Response to comment on "Estimating the reproducibility of psychological
science"Science351, 1037, 13. doi:10.1126/science.aad9163.

Anderson, C. J., Bahnik, S., Ban@tvan, M., Bosco, F. A., Chandler, J., Chartier, C. R., ... Zuni, K. (2016). Response
to comment on "Estimating the reproducibility of psychological scierf8efence351(6277), 1037. DOI:
10.1126/science.aad9163.

Aspaouhov, T.Hamaker E.L. & Muthén, B. (2016). Dynamic latent class anaBtsisctural Equation Modeling: A
Multidisciplinary JournaDOI: 10.1080/10705511.2016.1253479.

Azevedo, C. L. N., Fox, G. J. A., & Andrade, D. F. (2016). Bayesian longitudinal item response modeling with restricted
covariance pattern structurestatistics and computing@6(1), 443460. DOI: 10.1007/s1122214-95185.

Backhaus, R., van Rossum, Erp¥ek, H., Halfens, R.J.Gan, F.E.S.Capezuti, E., Hamers, J.P.H.(20Q&)antity of
staffand quality of care in Dutch nursing homes: a cisssional studyJour Nursing Home Res 298
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BackhausR, vanRossumE, Verbeek H., Halfens R.J.G.Tan,F.E.S, CapezutiE, Hamers J.P.H.(2016Work
environment characteristics associated with quality of care in Dutch nursing homes: Aseotismal study.
InternationalJournalof NursingStudiesVVolume66, January 2017, Pagesc?.

Bakk, Z., & Vermunt, J. K. (2016). Robustness of stepwise latent class modeling with continuous distal outcomes.
Structural Equation Modelin@3(1), 2631. DOI: 10.1080/10705511.2014.955104.

Bakk Z.,0Oberskj D.L. &ermunt, J.K. (2016). Relating Latent Class Membership to Continuous Distal Outcomes:
Improving the LTB Approach and a Modified TH&¢ep ImplementationStructural Equation Modelin@3(2),
278289. DOI: 10.1080/10705511.2015.104869

Bakker, M., Hartgerink, C. H. J., Wicherts, J. M., & Van Der Maas, H. L. JR@¥H&}hers' intuitions about power
in psychological researcRsychological Sciencg7(8), 1069.077. DOI: 10.1177/0956797616647519.

Balachandran NajrL. & Gibbert, M. (2016/nalyzing inconsistent cases in management fSQCA studies: A
methodological manifestalournal of Business Resear68(4), 14641470. DOI: 10.1016/j.jbusres.2015.10.126.

BalachandrarNairz [ ® 9 DAOGOSNIZI ad® OHAamMcOU® 2KIG YI1Sa | w3azzRQ
review and general model of article title attributes in management scieBcentometrics107(3), 13341359.

DOI: 10.1007/s1119Q16-1937-y.

Barendse M.T., Lgtvoet, R..;Timmerman M.E., & Oort, F. J. (2016)odel fit after pairwise maximum likelihood.
Frontiers in Psychology, [528]. DOI: 10.3389/fpsyg.2016.00528.

Bartel, K., Williamson, P., Van Maanen, A., Cassoff, J., MeijerGaN|.F., .. Gradisar, M. (2016). Protective and
risk factors associated with adolescent sleep: Findings from Australia, Canada, and The Nett&idepds.
Medicine 26, 97103. DOI: 10.1016/j.sleep.2016.07.007.

Basten, M., Tiemeier, H., Althoff, RYRan de SchootR, Jaddoe, V.W.MHofman, A., ..Van der Ende, J. (2016). The
Stability of Problem Behavior Across the Preschool Years: An Empirical Approach in the General Population.
Journal of Abnormal Child Psycholpdg(2), 393404. DOI: 10.1007/s108621.5-9993y.

Beerens, H.C., de Boer B., Zwakhalen, S.Naa,,F.E.SRuwaard, D., Hamers, J.P.H., Verbeek, H. (2046).
association between aspects of daily life and quality of life of people with dementia living Helongare
facilities: a momentary assessntestudy:International Psychogeriatric¥,olume28, Issue8, pp. 13231331.

Beland, S., Pichette, F.J&lani, S(2016).Impact on Cronbadha | f LK 2F AAYLIX S GNBFGYSyd
data. The Quantitative Methods for Psychology, 128373.

Bennink, M.Croon M. A., Kroon, B., &ermunt, J. K. (2016). Micamacro multilevel latent class models with
multiple discrete individualevel variablesAdvances in Data Analysis and Classificati@2), 139154. DOI.
10.1007/s11634916-02341.

Bexkens, AJansenB.R.J., Van der Molen, M.W.H&izengaH. M. (2016). Cool decisionaking in adolescents
with Behavior Disorder and/or Mittb-Borderline Intellectual Disabilityournal of Abnormal Child Psychology
44(2), 357367.

Biemans, H., Marién, H., Fleur, Bopi, H., Nieuwenhuis, L., Rusdr, P. (2016). G dzZRSy G &4 Q [ SF Ny Ay 3 t SNJ
Transitions in Different Learning Pathways to Higher Vocational Educstioations and Learnin@(3), 315
332. DOI: 10.1007/s12188B16-91556.

Blakey, EVisser I. & Carroll, D.J. (2016). Different Executive Functions Support Different Kinds of Cognitive
Flexibility: Evidence From,Z3-, and 4YearOlds.Child DevelopmenB7(2), 51526.

Boeck, L., Soriano, J. B., Bruksgzer, M., Biasi, F., Kostikas, kerBma, W., ..Stolz, D. (2016). Prognostic
assessment in COPD without lung function: th&BED indicesEuropean respiratory journad7(6), 16011605.

DOI: 10.1183/13993003.014&915.

Boehm, U., Hawkins, G. E., Brown, S., van Rijn, H., & Wagenniakkr&016)Of monkeys and men: Impatience in
perceptual decisioanmaki ng. Psychonomic Bulletin & Review, 23(3),-738.

Boeschen Hospers, J.Nbmits N., Smits, C., Stam, M., Terwee, C.B., & Kramer, S.E. (2016). Reevaluation of the
Amsterdam Inventory for Auditory Disability and Handicap Using Iltem Response Tlmonal of Speech
Language and Hearing ResearbB, 373383. DOI: 10.1044/2015_JSIHR5-0156.
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Boeschoten L.,Oberskj D. L., &e Waal A. G. (2016).atent Class Multiple Imputation for multiply observed
variables in a combined dataset.@12016: European Conference on Quality in Official Sta{jppc4-10).
Madrid.

BoingMessingF., &Mulder, J. (2016). Automatic Bayes factors for testing variances of two independent normal
distributions.Journal of Mathematical Psycholqggg2, 158170. DOI: 10.1016/j.jmp.2015.08.001.

Bolsinova, M., & Maris, G. (2016). A test for conditional independence between response time and accuracy. British
Journal of Mathematical & Statistical Psychology, 69(1),%2

Bolsinova, M., & Maris, G. (2016). Can IRT solve the missing data proléstneiquating? Frontiers in Psychology,

6, [1956].

Bolsinova, M., &ijmstra, J. (2016). Posterior predictive checks for conditional independence between response
time and accuracylournal of Educational and Behavioral Statistidg2), 123145. DOI:
10.3102/1076998616631746.

Bolsinova M., Maris, G. &Hoijtink, H. (2016). Unmixing Rasch scales: How to score an education&rtrats of
Applied Statistics10(2), 92845. DOI: 10.1214/180AS919.

Booth, T., Murray, A., & Molenaar, D. (2016). Personalit y differentiation by cognitive ability: An application of the
moderated factor model. Personality and Individual Differences, 100733

Borsboom, D. (2016). Zen and the art of validity theory. Assessment in Education, 23¢3)2415

Borsboom, D., van B ork, R., & Rhemtulla, M. (2016). Composites can be casual too. European Journal of Personality,
30, 307- 308.

Boschloo, L., SchoeveR. A., van Borkulo, C. D., Borsboom, D., & Oldehinkel, A. J. (2016). The network structure of
psychopathology in a community sample of preadolescents. Journal of Abnormal Psychology, 125@0)6599

Boschloo, L., van Borkulo, C. D., Borsboom, Dch&esers, R. A. (2016). A Prospective Study on How Symptoms in a
Network P redict the Onset of D epressi®sychotherapy and Psychosomatics, 85(3),-11883!.

Boyer, B. E, Doove, L. L.Geurts, H. M., Prins, P. Wan Mechelen|., & Van der Oord, £016).Qualitative
treatment-subgroup interactions in a randomized clinical trial of treatments for adolescents with ADHD:
Exploring what cognitiveehavioral treatment works for whoniPLoS ONHE1, 1-23.
doi:10.1371/journal.pone.0150698.

Braithwaite, D. W., Goldstone, R. L., van der Maas, H. L. J., & Landy, D. HN@®1fxmal mechanisms in
mathematical cognitive development: The case of arithmeiognition, 149, 4055.

Bringmann, L . F., Pe, M. L., Vissers, N., CeulemaBsyghpom, D., Vanpaemel, W., ... Kuppens, P. (2016).
Assessing Temporal Emotion Dynamics Using Networks. Assessment, 23{435%.25

Bringmann L. F, & Eronen, M. 1.(2016).Heating up the measurement debate: What psychologists can learn from
the higory of physicsTheory & Psycholog®6, 27-43. doi:10.1177/0959354315617253.

Bringmann L. F., Pe, M. L., Vissers,BeulemansE.,Borsboom D.,Vanpaeme] W., Tuerlinckx F., & Kuppens, P.
(2016).Assessing temporal emotion dynamics using netwoklkssessmen®3, 425435.
doi:10.1177/1073191116645909.

Bringmann L.F., Ferrer, Bdamaker E.L.Borsbhoom D. &Tuerlinckx F. (2016). Modeling Nonstationary Emotion
Dynamics in Dyads Using a Semiparametric Mamying Vector Autoregressive Mod®lultivariate Behavioral
Research50(6), 736731. DOI: 10.1080/00273171.2015.1120182.

Bringmann L.F.Hamaker E.L., Vigo, D.E., Aubert, Barsboom D. &Tuerlinckx F. (2016). Changing Dynamics:
TimeVarying Autoregressive Models Using Generalized Additive ModBlayghological Method®Ol:
10.1037/met0000085.

Bulteel, K.Tuerlinckx F., Brose, A., &eulemansE. (2016)Clustering vector autoregressive modelapturing
gualitative differences in withiperson dynamicg=rontiers in Psychology, 1540, 115.
doi:10.3389/fpsyg.2016.01540.

Bulteel, K.Tuerlinckx F., Brose, A., &eulemansE. (2016)Using raw VAR regression coefficients to build networks
canbe misleadingMultivariate Behavioral Researchl, 330:344. doi:10.1080/00273171.2016.1150151.
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Candel, M.J.J.MVan Breukelen, G.J.2016). Repairing the efficiency loss due to varying cluster sizes iletab
two-armed randomized trials with hetegeneous clusteringstatistics in Medicine, 320002015.

CarballeCardenas, E.CIpbiH. (2016). Citizen science regarding invasive lionfish in Dutch Caribbean MPAs: Drivers
and barriers to participatiorOcean & Coastal Managemeh3, 114127.
Http://dx.doi.org/10.1016/j.ocecoaman.2016.09.014.

Ceulemans, E., Wilderjans, Thiers H.A.L., &immerman M.E. (2016). MultiLevel simultaneous component
analysis: A computational shortcut and software pack&ghavior Research Methqd#3(3), 1008.020.
doi:10.3758/51342815-06268.

Cheung, M\WL. &Jak S. (2016). Analyzing Big Data in Psychology: A Split/AnalyzeAviatgze Approach.

Frontiers in Psychology, 738. DOI: 10.3389/fpsyg.2016.00738.

Chkrebtii, O. A., Leman, S., Hoegh, A., Entezari, R., Craiu, R. V., Rosenthal, J. S., ... Louzada, F. (2016). Contributed
discussion on article by PratoBayesian Analysi§1(3), 938940.DOI: 10.1214/1@BA999H.

Citgez, E., van der Palen, J., KoehtestHuurne, K., Movig, K., van der Valk, P., & Breseer, M. (2016)5tatins
and morbidity and mortality in COPD in the COMIC study: a prospective COPD cohomBktdiadypen
respiratory research3(1), [e000142]. DOI: 10.1136/bmjre2p16-000142.

Conip, J. M. Sijtsma K., &Emons W. H. M. (2016)dentifying persoHit latent classes, and explanation of
categorical and continuous person misfipplied Psychological Measureme#0(2), 128141. DOI:
10.1177/0146621615611164.

Coomans, F., Hofman, A., Brinkhuis, M., van der Maas, H. L. J., & Maris, G. (2016). Distinguishing fast and slow
processes in accuracy: Response time dataS One, 11(5), [e0155149].

Cramer, A. O. J., van Borkulo, C. D., Giltay, E. J., van der Maak, Kendler, K. S., Scheffer, M., & Borsboom, D. (20
16).Major depression as a complex dynamic system. PLoS One, 11(12), [e0167490].

Cramer, A.O.Jvan RavenzwaajD., Matzke, D., Steingréver, H., Wetzels, R., Grasman, R. P.P.P., Waldorp, L.J., &
Wagenmakers, EJ. (2016)Hidden Multiplicity in Multiwvay ANOVA: Prevalence, Consequences, and Remedies.
Psychonomic Bulletin & Revie28, 64@647.

Daamen, M.A.M.J., Hamers, J.P.H., Gorgels, APaM.. F.E.S.Schols, J.M.G.A., Brundar

Dalege, J., Borshoom, D., van Harreveld, F., van den Berg, H., Conner, M., & van der Maas, H. LTAwa15).
formalized account of attitudes: the Causdtithde Network (CAN) model. Psychological Review, 123(1), 2
22.

De Beurs, DEokkema M., O'Connor, R. (2016). Optimizing the assessment of suicidal behavior: The application of
curtailment techniquesJournal of Affective Disorderk96, 21824.

De Boer B.,BeerensH.C.ZwakhalenS.M.G., Tark.E.S, Hamers J.P.H.Yerbeek H.(2016). Daily lived cesidents
with dementia in nursing homes: development of the Maastricht electronic daily life observation tool:
International Psychogeriatric¥olume 28 Issue 8, pp. 133B8343.

De Graaff, J.C., Pasma, Wan Buuren S., Duijghuisen, J.J., Nafiu, O. O., Kheterpal, S. & Van Klei, W.A. (2016).
Reference Values for Noninvasive Blood Pressu@hildren during Anesthesia: A Multicentered Retrospective
Observational Cohort Studginesthesiology125(5), 904€13. DOI: 10.1097/ALN.0000000000001310.

De HaarRietdijk, S.Kuppens P. &Hamaker E.L. (2016)Vhat's in a Day? A Guide to Decomposing the Variance in
Intensive Longitudinal Dat&rontiers in Psychology, 891. DOI: 10.3389/fpsyg.2016.00891.

De JongR.,Van Buuren S. & Spiess, M. (20168)ultiple Imputation of Predictor Variables Using Genegdliz
Additive ModelsCommunications in StatistieSimulation and Computatiod5, 968985. DOI:
10.1080/03610918.2014.911894.

De Kinderen, R.J.A., Wijnen, B.F¥an Breukelen, G.J.PRostulart, D., Majoie, M.H.J.M., Aldenkamp, A.P., Evers,
S.M.A.A. (206). From clinically relevant outcome measures to quality of life in epilepsy: a timedfageidy.
Epilepsy Research, 1254+-31.
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discontent. Abstract from EASP medium sized meeting on the PsychologitioAPideology- Insights from
intergroup approaches, Oppurg, Germany.

van der Bles, A.M., Postmes, Mgijer, R., & Jetten, J. (2018).Zeitgeist of decline all over the world? The
psychometrics of collective discontent across 28 countries. Abgn@nt ASPO annual meeting 2016, Leiden,
Netherlands.

van der Bles, A.M., Postmes, Nigijer, R., & Jetten, J. (2018).Zeitgeist of decline? The psychometrics of collective
discontent. Abstract from 16th Biennial Meeting of the International Societyuigtice Research (ISJR),
Canterbury, United Kingdom.

van Tuijl, L., Glashouwer, K., BocktingT€ndeirqg J., Penninx, B., & de Jong, P. (2086é}esteem in depression
and anxiety: The Implicit, The Explicit, & The Unstable. Abstract from Annual saighe American
Association of Behavioral and Cognitive Therapies, United States.

van Tuijl, L., Glashouwer, K., BocktingT€ndeirg J., Penninx, B., & de Jong, P. (2036é}esteem in depression
and anxiety: The Implicit, The Explicit, & The UpistaAbstract from 45th Congress of the European
Association of Behavioural and Cognitive Therapies, Stockholm, Sweden.

Voncken L., Albers C.J., &immerman M.E. (2016)Continuous Norming of Psychological Tests: A Comparison of
Different Stepwise Modebelection Procedures. Abstract from 10th Conference of the International Test
Commission, Vancouver, Canada.

Voncken L., Albers C.J., &immerman M.E. (2016)Continuous Norming of Psychological Tests: A Comparison of
Different Stepwise Model Selectidtrocedures. Abstract from 5th Conference of the Dutch/Flemish
Classification Society, Tilburg, The Netherlands.

Voncken L.,Albers C.J., &immerman M.E. (2016)Model selection in continuous test norming with GAMLSS.
Poster session presented at 268mnual Meeting of the Interuniversity Graduate School of Psychometrics and
Sociometrics Winter Conference, Groningen, The Netherlands.

7.2 Professional publication

7.2.1 Article in journal

Boekel, W., Forstmann, B. U., & Wagenmakers, E. J. (2016). Challenges in replicatiigebeaitor correlations:
Rejoinder to Kanai (2015) and Muhlert and Ridgway (2015). Cortex, 743328

.2NEHO22YY 503 3 2 A2aSy s dify honger: the \alueolkeepidy pdifitd afiq sBighdel SA y Qa 0
separated. Assessment in Education, 23(2),-2833.

.NIYAGKgFAGSET 50 20 D2f RAG2Yy ST wod [ X Gly REmMd al Fazx | @
mecha nisms in mathematical8o/ A G A @3S RS @St 21LIYSyiGyY ¢KS OF &aS¢BF I NRGKY!
((S001002771630004X)(10.1016/j.cognition.2016.01.0@Hynition, 151, 113.

Dekkers, T.J., Popma, Bansen B.R.J., Bexkens, AH&izengaH.M. (2016). Risicogedrag bij adolescenten met
ADHDKInd en Adolescent Prakitigk, 3841.

Dekkers, T.JAgelink van Rentergeml.A., Popma, A., Bexkens, Add&izengaH.M. (2016). Risicovol beslisgedrag
bij ADHD: Een metaregressieanalyseuropraxs, 20(6), 176L76.

Hofstee, W., Hendriks, J.,K8ers H.A.L. (2016). Persoonlijkheidsbeoordeling in de praktijk. De Psycholoog, 2016(10),

54-58.

Kan, Kk J., van der Maas, H. L. J., & Kievit, R. A. (2PRid)ess Overlap Theory: Strengths, Limitatians, Ch
allenges. Psychological Inquiry, 27(3), 2208.

Marsman, M., Ly, A., & Wagenmakers,JE(2016). Four Requirements for an Acceptable Research Program. Basic
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and Applied Soci@sychology, 38(6), 30812.

Niessen A S.M., &Meijer, R.R. (2016Work sample tests voor selectie en matching in het hoger onderwijs.
Examens, (3), 225.

Osborn, C.YVan Ginkel J.R., Rodbard, D., Heyman, M., Marrero, D.G., Hudleston, B., & Dachis, J. (2017). One Drop
| Mobile on iPhone and Apple Watchn evaluation of HbAlc improvement associated with trackingcse#
5:e179. doi: 10.2196/mhealth.8781.

Osborn, C.YVan Ginkel J.R., Rodbard, D., Heyman, M., Marrero, D.G., Huddleston, B., & Dachis, J. (2017). One
Drop | Mobile: An evaluation of hengdobin Alc improvement linked to app engagemedtIR Diabetes,
2:e21. doi: 10.2196/diabetes.8039.

Raijmakers M.E.J., Franse, R.KV&n Schijndel, J.P. (2016). Creativiteit in onderzoekend lef@iactief 33, 24
26.

Van Borkulo, C., Boschloo, L., Borsboom, D., Penn inx, B. W. J. H., Waldorp, L. J., & Schoevers, Er/at(@016).
Association of symptom network structure with the course of longitudinal depression (JAMA Psychiatry (2015)
72:12 (1219 1226)).JAMA Bychiatry, 73(4), 412.

Van de Velde, D.J., Van Heuven, V.J., LeveltMarCGinkel J., Beers, M., Briaire, J.J., & Frijns, J.H.M. (Z04&).
perception of emotion and focus prosody with varying acoustic cues in cochlear implant simulations with
varying filter slopesJournal of the Acoustical Society of America, B329;3363. doi: 10.1121/1.4982198.

Van der Maas, H. L. J.,, & Kan, K. J. 201B)Y YSyYy (i 2y & wléval laRaizissocidion® Brisdibly negative
implications for the mutualism®2 N® 2F 3ISy SN} f AyGaStftA3aSyOS¢ oe& DAffSa
83.

Van Ginkel J.R. &roonenberg P.M. (2017). Evaluation of multipieputation procedures for threenode
component modelsJournal of Statistical Computation aBimulation, 8730593081. doi:
10.1080/00949655.2017.1355368.

Van Schayck, O.C.P., Slok, A.H.M., KotZab.Breukelen, G Chavannes, N.H., Ruttean Molken, M.P.M.H.,

Kerstjens, H.A.MVan der Molen, T., Asijee, G.M., Dekhuijzen, R., Holverdal@né& P.L., Goossens, L.M.A.,
¢CoStEEFFNE ads Ly 9T SEISKYTA (VB (b / Attayd RO nieAoSy G St adySidsS
clustergerandomiseerde gecontroleerde triblederlands Tijdschrift voor de Geneeskunti&0, D955.

Warrens M.J., Van Rooijen, M.pKershoek, H. & Opdenakker,-8l. (2016) Maak brugklassen breed en meerjarig.
Didactief 46(7) 2425.

7.2.2  Report

Fukkink, R.G., van Otterloo, S., Cohen, L., Van de WoudenZistéa, B.J.H. (2016Yerschillende stadsdelen,
verschillendeschoolloopbanen? Amsterdam: Hogeschool van Amsterdam.

Gerritse SC., Bakker, B., De Wolf, PP. &Van der HeijdenP.G.M. (2016)Jnder coverage of the population
register in the Netherlands, 201(BS Discussion paper; Vol. 2016/0@nHaag/Heerlen: Statistics
Netherlands.

LensveltMulders, G.J.L.MLugtig PJ.,Elevelt A., Bos, P. & helms, A. (20183an de grenzen van het meetbare: De
methodologische kwaliteit van internationale studies naar de omvang van aan prosgjartateerde
mensenhandel met nadruk op Noordwest Europlze Hague: WODC, Ministerie van Veiligheid en Justitie.

Lynn, P& Lugtig PJ. (2016)Total Survey Error for Longitudinal Surv&achester, UK: ISER.

Oomens, M., Scholten, F., & Luyten, J.2016). Evaluatie Wet Eindtoetsing PO, Tussenrapportage (conceptversie).
Oberon onderzoek / Universiteit Twente.

Schouten, BBais F. &Toepoe| V. (2016)Estimating survey questionnaire profiles for measurement errorCBIS.

Schrdder, J., Blohm, M5truminskaya B., Pforr, K., Silber, H. & Bosnjak, M. (201&i}faden zur Erstellung einer
Leistungsbeschreibung fir die Ausschreibung von Interviagremistrierten BefragungerMannheim: GESIS
Leibnizinstitut fir Sozialwissenschaften. DOI: 10.154¢@Sissg_021

Schuurman N.K. (2016Performance of the Normal VAR Model for Skewnormal and Truncated Normal Residuals
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Using AutovarCotdJniversiteit Utrecht/Rijksuniversiteit Groningen.
Van Dijk, J& Van der HeijdenP.G.MOn the potential of Multipd Systems Estimation for estimating the number of

victims of human trafficking across the world: Written for the UNODC, where it appeared as Research Brief

Wadzt GALX S {@aidSya 9adAYFGA2y TFT2NJ SaldAYlFGAWHRBDKS ydzyo S
Warrens M.J., De Raadt, A., Vugteveen, J., Van Rijn, N., Korpershoek, H., Guldemiminermans A.C. &

Opdenakker, MC.(2016) Overgangen en aansluitingen in het onderwijs: Deelrapportage 4: draaien aan de

knoppen. Een simulatiestudie naar dfecen van enkele beleidsparameters op de aansluiting/po

Groningen: GION onderwijs/onderzoek, 104 p.

7.3 Popular publications
Van AssenA., Dickscheit, Post W. & Grietens, H. (2016). Kinden Jeugdcoaching: effectief en preventief?!

7.4 Oth er results

BoeschotenL.,Oberskj D. L., &e Waal A. G. (2016Estimating classification error under edit restrictions in
combined surveyegister data (CBS Discussion Paper). Statistics Netherlands.

Calor, S.M., Dekker, R., Van Drie, Ziistra, B.J.H. & Volman, M.L.L. (201®mparison of mathematics discussion
and conventional lessons in a collaborative setting. Paper presented at 13th International Congress on
Mathematical Education (ICME), Hamburg, Germany.

Frans, N.Post W., Huisman, MQenemaMostert, C.E. & Minnaert, A.E.M. (201E)aluating the predictive validity
and stability of standardized assessment in Early Childhood Education.

Hartgerink, C. H. &:an AssenM. A. L. M., &Vicherts J. M. (2016 High pvalues as a sign of ta
fabrication/falsification Abstract from 4th World Conference on Research Integrity, Rio de Janeiro, Brazil.

Hoijtink, H.J.A. (Author). (2016). Website on Informative Hypothd#gs://informative -hypotheses.sites.uu.nl/

Junger, M., Wiegersma, S., dges, T., & Veldkamp, B. P. (2016). Slachtofferschap bij cybercrime: pilotonderzoek.
Enschede: Universiteit Twente.

Kalverboer, M., Rip, J., Zijlstra, EP&st W. (2016)Unaccompanied minors in the Netherlands: in which type of
care facility do theyléurish best and what do we know about unaccompanied minors in foster families? 1p.

Knorth, E.J. &ost W. (2016). Methodological issues in quantitative andlgative research designs;5L

Van AssenA., Dickeschiet, Post W. & Grietens, H. (2016Fhild outcomes of homuisiting for families with
complex and multiple problems.

Van AssenA., Dickeschiet, Post W. & Grietens, H. (2016Fhild outcomes of homuisiting for families with
complex and multiple problems.

Van der Ark L.A. (2016)Psychometrie: Onderzocht, aangeleerd en toegepast. (Oratiereeks ed.) Amsterdam
University Press.

Van der MaasH.L.J. & Kan, K. J. (20162 YY Sy (i 2Yy & veSchfacioabsociatibhPParsibly negative
implications for the mutualism theory of geNd- £ Ay (G St f A3Sy 0S¢ InieBigeizd 67 8B4 9 d DA 3
DOI: 10.1016/j.intell.2016.03.008.

Van Rooijen, M., Korpershoek, Mlarrens M.J. & Opdenakkers, 4. (2016) De pgo overgang: Bevindingen op
basis van empirisch onderzoek en sim@ati

Veer, I. M., Luyten, J. W., van Tuijl, C., & Sleegers, P. J. C. (2016). Effectonderzoek Pilot startgroepen voor peuters:
eindrapportage 2016. Ministerie van Onderwijs, Cultuur en Wetenschap.

Vischer, AF., Grietens, H., Knorth, E.JP&st W. (2016)Decision making on preservation of families in multi
problem situations: Famiyparent, and childrelated factors, 50&07.

Vischer, AF., Grietens, H., Knorth, EJP&sE 2 ® OHAaMcO® ¢2 LINBASNBS (GKS FlLYAf&@ ¢
the question, 15 p.
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Wicherts J. M., & Buttliere, B. (2018).6 2 f I NAS & dzNBPSeéa 2y LaeoOKz2t23AradaqQ o
Abstract from 4th World Conference on Research Integrity, Rio de Janeiro, Brazil.
Zevulun, D., Kalverboer, MZijlstra E.,Post W.& Knorth. E.J. (2016). Returned asyBgeking children: How
are children who stayed in European host countries faring after return to their country of origin?, 292
293.
Zevulun, D., Kalverboer, Mijlstra E.,Post W.& Knorth. E.J. (2016). Ttearing environment and webeing
of returned asylurrseeking adolescents in Kosovo and Albania, 13 p.

7.4.1 Editor ial activities

De LeeuwE.D. (20160ntwikkelingen in het Marktonderzoek 2016. 41e Jaarboek van de M&xklem:
Spaarenhout.

Padilla, J. L., Bugtig P. (2016). Trends and challenges for methodolbtgthodology 12(3), 7374. DOI:
10.1027/16142241/a000109.

Weeda W.D., Associate Editor, Frontiers in Brain Imaging Methods (Research Topic: Spatial Models and region
selection fo Functiondand Effective Connectivity).

CaspetrAlbers(Editor). Computers & EducatioANlovH 1 M p -Ob-201M

HenkKiersO 9 RAG2ND @ t a8 OK2YSGNR] I @ Mdpodn M X

Marieke Timmerman(Editor). Psychometriken n n T b H AN H AN

RobMeijer6 9 RAG2NLO ® W2dzNy It 2F tSNRAR2YylfAGe 'aasSaaySyao H N

7.4.2 Software and test manuals

Fox J.P. (Author), Klotzke, K. (Author)y&en D. (Author). (2016). GLMMRR: Generalized Linear Mixed Model
(GLMM) for Binary Randomized Response DapmdRage.

7.4.3 (Paper) presentation

Cariou, V. &ilderjans T.F. (2016, July). Consumers' segmentation combining different attributes on products
with constrained CLV3W. Paper presented at the 13th International Conference of the Sensometric
Society(Sensometrics2016), July-26, Brighton, UK (presenter: V. Cariou).

CeulemansE. &Wilderjans T.F. (2016, January). Modeling heterogeneity in thwag data: A clusterwise
perspective. Invited lecture at the Workshop on Tensor Decompositions and AjgplcéTDA2016),

January 182, Leuven, Belgium (presenter: E. Ceulemans & T. F. Wilderjans).

Van Ginkel J.R. (2017)=tests and estimates for?Ror multiple regression in multiply imputed datasets: a
cautionary note on earlier findingBresentation gien at the 20th International Meeting of the
Psychometric Society, Zirich, July, 2017.

Van Ginkel J.R., Linting, M., Rippe, R.C.A, & Van der Voort, A. (20i$6)ng dataPresentation given at the
najaarshijeenkoms2016 of the Social Science Sectiothef Dutch Statistical Society, Leiden, October,
2016

Wilderjans T.F. & Rossbroich, J. (2016, August). Determining the number of overlapping clusters: Simulation
results for the additive profile clustering model. Paper presented at the 22nd Interna@ordkrence on
Computational Statistics (COMPSTAT2016), Augu®62Qviedo, Spain (presenter: T. F. Wilderjans).

Zijlstra, B.J.H. (2016). Different specifications of reciprocity in social network analysis. Paper presented at 81st
Annual Meeting of the Bghometric Society (IMPS) 2016, Asheville, NC, United States.
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7.4.4 In press

Ten Brummelaar, M.D.C., Knorth, BRast W.J., Harder, A.T. & Kalverboer, M.E. (2016) Space between the
borders? Perceptions of professionals on the participation in decisiaking of young people in coercive
care.Qualitative Social Workl5.

7.4.5 Miscellaneous

Albers C.J. (2016). Er is er een jarig. Nieuw Archief voor Wiskunde, 17(®7273

Albers C.J. and Van der Meer, T. (2016). Misplaatste Angst voor Betaficering Sociale Wetenschappen.
VakWerk, 26 mei.

CaspetrAlbers(Interviewee), dr. Casper Albers and Boris Kyuchoulaiversity Politics. MindWise,-&pr-
2016. Retrieved from: https://soundalid.com/mindwisegroningen/caspewlbersand-boris-kyuchoukov
universitypolitics

CaspeAlbers(Interviewee), BBC Radio 4 More or Less. BBC Radio 4 More or L-8gs;20%96. Retrieved
from: http://www.bbc.co.uk/programmes/b0788bch

Niessen A S.M. &Meijer, R.R. (2016, April 19)e leerkarcht is geen meetinstrument, NRC, NRC.next

Timmerman M.E. (2016). Van optimalisatie naar begrip en weer te@rgningen: Rijksuniversiteit
Groningen.[inaugurele rede]
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8 Finances

8.1 Financial statement201 6

Receipts

IOPS Annual Report 2016

The participating institutes of Leiden University, University of Amsterdam, VU University of
Amsterdam, University of Groningen, UniversifyTwente Tilburg University, Utrecht University, KU
University of Leuven, Statistics Netherlands (CBS), and@it@m contributed financially according
to the number of their PhD students that panifiated in IOPS on 1 July B0The patrticipation fee

for20166 | & ¢ Tnn LISNIt K5
School, participted on the same terms.

addzRSy il o

1aa20AGSR Ayalda

Apart form the above mentioned annual contributions, no other funds are available for the IOPS

Interuniversitary Graduate School.

This resulted in a credit l@nce for the year 2082 ¥ .46 H

8.2 Summary of receipts and expendit

Expenditures
Salaries IOPS office
Secretary, 0,5 fte
42.900,00 Salary director
190.000,00 Course
-142.500,00
-47.500,00 SQubtotal

Receipts

Contribution participating institutions
Graduate Program 2013
Universityof Amsterdam

Leiden University

Conference

Printed matter
Hosting website
Travel
Representation costs

Subtotal Receipts 42.900,00  Subtotal

Negative financial outcome 2016 2.406,00

Total receipts 42.900,00 Total expenditures

8.3 Balance sheet 201 6

IOPS Own Funds 261

Debet Euro Credit
Own Funds$1-12-2016 67.656,73 | Own Funds 0D1-2016
Results 2016

Total Debet 67.656,73 | Total Credit

92

uresin 201 6

26.478,00
16.126,00
42.604,00
1200,00
30,00
216,00
806,00
450,00
2702,00
45.306,00
Euro
70.062,87
-2.406,00
67.656,73
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Appendix 1: Contact details

Participating In  stitutes

Leiden University

Faculty of Social and Behaviouggiences
Methodology and Statistics Unit
Institute of Psychology

Education and Child Studies
Institute of Education

Statistical Science for the Life and
Behavioral Sciences
Mathematical Institute

University of Amsterdam

Faculty of Social and Behavioural Sciences

Psychological Methods
Department of Psychology

Developmental Psychology
Department of Psychology

IOPS Annual Report 2016

of IOPS institutes

Work and Organizational Psychology

Department of Psychology

Methods and Statistics

Department of Develoment and Education

University of Groningen

Faculty of Behavioural and Social Sciences

Psychometricand Statistics
Department of Psychology

93

P.O. Box 9555, 2300 RB Leiden
Secretary: Jacqueline Hartm@taudia
Regoor

071527 3761
secr.psy.ms@fsw.leidenuniv.nl

P.O. Box 9555, 2300 RB Leiden
SecretaryEsther Peelen

071527 3434
peelene@sw.leidenuniv.nl

P.O. Box 9512, 2300 RA Leiden
SecretaryMartine GoderieVliegenthart
m.l.goderie@math.leidenuniv.nl
+3171 527 7047

Nieuwe Achtergracht 128,

Postbus 159061001 NKAmsterdam
Secretaryineke van Osch

020 525 6870
misecretariaatfmg@uva.nl

Postbus 1598, 1001 NKAmsterdam
SecretaryEllen Buijn

020 525 6830

e.buijn@uva.nl

NieuweAchtergracht 129 BAmsterdam
Postbus 159191001 NKAmsterdam
Secretary: Joke Vermeulen

020 525 6860
j-h.vermeulen@uva.nl
NieuweAchtergracht 127Amsterdam
Postbus 159061001 NKAmsterdam
Secretary: Mariélle de Reuver

020 525 6050

j-m.dereuver@uva.nl

Grote Kruisstraat 2/1, 9712 TS Groning
Secretary: Hanny Baan

050363 63 66

j-m.baan@rug.nl
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Theoretical Sociology GroteKruisstraa®/1, 9712 T$roningen
Department of Sociology SecretarySaskia Simon

050 363 6469
s.simon@rug.nl

Universityof Twente
FacultyBehavioural, Management and So&&giencBMS)

Department ofResearch Methodology, P.O. Box 217, 7500 AE Enschede
Measurement and Data Analysis (OMD) Secretary: Birgit OltheRegeling, T. 053
489 3555

Birgit.Olthof@utwente.nl
Tilburg University

Tilburg School of Social and Behavioral Sciences
Methodology and Statistics P.O. Box 90153, 5000 LE Tilburg
Secretary: Marieke Timmermans
013 466 2544
m.c.c.timmermans@tilburguniversity.ed
Utrecht University
Faculty of Social and Behavioural Sciences
Methodology and Statistics P.O. Box 80.14@508 TC Utrecht
SecretaryChantal Molnawvan Velde
030 253 4438
c.molnar@uu.nl
KU Leuven, University of Leuven, Belgium
Faculty of Psychology and Edtional Sciences
Research Group of Quantitative Psycholog Tiensestraat102box 3713B-3000

and Individual Differences Leuven, Belgium
SecretaryJasmine Vanuytrecht

+32 16 32 60 12
Jasmine.Vanuytrecht@ppw.kuleuven.bi

Statistics Netherlands (CBS), Den Haag

P.O. Box 24500, 2490 AH Den Haag
Secretary070 337 3800

Psychometric Research Cent@ito), Arnhem

P.O. Box 1034, 6801 MG Arnhem
SecretaryRianne an der Werff (1026-
3521075 Rianne.vanderWerff@cito.nl

Cooperating institutes

University of Groningen
Faculty of Behavioural and Social Sciences
Department of Education GroteRozenstraat 38, 9712 TJ Groning
SecretaryM.J. Kroeze/een
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050 363 6540
M.J. Kroez&/een@rug.nl

VUUniversityAmsterdam
Faculty ofPsychology and Education
Department ofClinical Psychology Van der Boechorststradt, 1081 BT
Amsteram
SecretarySherida Slijmgaard
020 598 895]s.r.slijmgaard@vu.nl
Department of Biological Psychology Van der Boechorststradt, 1081 BT
Amsteram
SecretaryStephanie van de Wouw
020-598 8792
s.b.vande.wouw@vu.nl

Maastricht University
Faculty of Health, Medicinend Life Sciences Faculty of Psychology & Neuroscience
Department of Methodology and Statistics P.O. Box 616, 6200 MD Maastricht
SecretaryEdith Eijsen
043 388 2395
e.vaneijsden@maastrichtuniversity.nl

Erasmus University Rotterdam

Departmentof Econometrics P.O. Box 1738, 3000 BR®tterdam
SecretaryTineke Kurtz
010 408 1370/ 1377
kurtz@ese.eur.nl
Department of Psychology, Education & P.O. Box 1738, 3000 DR Rotterdam
Child Studies Secretariat EPECS
010 408 8789 /8799
secdpecs@fsw.eur.nl

Wageningen University

Research Methodology Group P.O. Box 8130, 6700 EW, Wageningen
SecretaryNicolette Tauecchio
0317 48 302
nicolette.tauecchio@wur.nl
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Appendix 2 : IOPS Summer Conference 2016
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